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1. INTRODUCTION 

The quest to comprehend ourselves and the world around us has been on the minds of 

scholars since the dawn of humanity: from the ancient Greek philosophers through the 

Empiricists who disputed Descartes' fundamentum absolutum inconcossum to Freud's 

suspicion-infused mythology, to become an aporia of a sort, and a cornerstone of the birth 

of psychology. 

The dispute between the certainty of the Cartesian ego cogitans and the psychoanalysts' 

skepticism picturing man as a slave of the partially conscious unconscious has since been 

repeatedely reopened and reframed from the ill fated behaviorist Watson’s tabula rasa, 

through Rogers’s person-centered apporach and Maslow’s inherently benevolent, well-

intentioned and developmentally flexible individual to Bruner’s Gordian stroke of 

highlighting personal responsibility while integrating innate and acquired talents into a 

single framework [1], all contribute to the argument. 

Can all these perspectives be correct, even though they appear to contradict one another? 

How can the elusively fascinating nature of consciousness be captured emprically, and 

how can an individual’s capacity for self-knowledge about their own knowledge be 

assessed if it fundamentally relies on subjective experiences, hence the absence of 

absolute reality? 

Given the complexity of the issue, substantial reduction is required for a viable solution. 

Without advocating for any particular theory, Flavell demonstrated through recall-based 

memory performance that individuals have access to their knowledge about their own 

knowledge [2] and directed the explanation towards the behavioural scientific exploration 

– finally leaving less room for educated guessing and other phyilosophical debates.  

Self-reflection and self-assessment play a crucial role in daily life, influencing personal 

development, decision-making, and interpersonal relationships. Engaging in reflective 

practices fosters self-awareness, allowing individuals to recognize their cognitive biases, 

emotional responses, and habitual patterns of thought, hence contributes to greater 

adaptability and resilience, enhancing one’s ability to navigate complex personal and 

social situations. Social cognition emerges from the dynamic interaction of metacognition 

– introspective awareness of knowledge and uncertainty – and theory of mind (ToM) – 
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the inference of others’ beliefs, intentions, and emotions – develops in tandem with 

metacognitive capacity, with both relying on overlapping executive resources and medial 

prefrontal cortex engagement [3,4]. Emotion recognition, particularly via facial 

expressions, requires accurate decoding of facial affect and it is deeply influenced by 

ToM abilities, especially in ambiguous or context-rich scenarios [5], while cognitive 

empathy strongly overlaps with ToM processes. Affective empathy on the other hand was 

found to be increasingly tied to embodied mechanisms, such as facial mimicry [6]. 

Mimicry is thought to ground emotion recognition in sensorimotor resonance; yet meta-

analyses show that its influence is modulated by attention, individual empathic traits, and 

metacognitive evaluation of the perceptual input [7]. 

In professional settings, self-assessment is integral to leadership, productivity, and 

continuous improvement, where decisional awareness – the subjective sense of knowing 

whether a choice was correct – has been linked to and ubiquitous and domain-general 

factor: the subjective ease of cognitive operations, fluency, acts as an internal cue, feeding 

into metacognitive systems to shape decisional awareness across perception, memory, 

reasoning, and social inference.  [8,9]. At the neural level, fluency is reflected in mid-

frontal theta and posterior alpha desynchronization, correlating with both ease of 

processing and confidence formation [10]. The ventromedial prefrontal cortex (vmPFC), 

a hub for valuation and metacognitive judgment, integrates fluency cues with decisional 

outputs, suggesting a common computational currency for self-evaluation [11]. Illusory 

fluency, however, as induced by repetition, framing, or semantic priming, can result in 

impaired decisional awareness by inflating confidence without a corresponding 

improvement in performance [12]. 

From a psychological perspective, self-reflection and self-assessment are foundational to 

mental health. Therapeutic approaches such as cognitive-behavioral therapy (CBT), 

neurolinguistic therapy and psychoterapy (NLT, NLPT) and mindfulness-based 

interventions emphasize the importance of recognizing and restructuring thought patterns, 

the very processes that enhance emotional regulation and contribute to overall well-being. 

[13] 

As thoughts and emotions are similarly stimulating as any other event on the horizon, 

metacognition is no other than the eye of the mind that observes itself and creates the 
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experience of self, hence allowing individuals to evaluate their cognitive strategies, 

recognize gaps in their knowledge, and refine their approaches to information processing. 

Additionally, empathy – as a special form of metacognition – closely links cognition with 

affection, facilitates collaboration, interpersonal connections and social cohesion [14]. 

Testing basic cognition – contrary to higher level functions such as general intelligence – 

presents a unique opportunity to measure performance regardless of level of education, 

while opens a window of opportunity to understand how deeply rooted self-assessment – 

a suspiciously general metacognitive function that assesses any target within its reach to 

an individually different degree – can be, and whether and how does it relate to empathy. 

To explore the relations between metacognitive abilities and empathy, first we had to 

design the experiment that proves self-assessment is a cognitive capacity-dependent 

metacognitive function and not a statistical artefact [15]. In the middle of the second data 

collection in 2020, COVID-19 hit the world, so we had to test again after the pandemic 

to understand our results better [16], and concluded “that self-assessment bias interplays 

in subconscious communication – the expression, control and recognition of facial 

emotions, especially – with empathetic skills and manipulation” [17]. 

1.1. Performance, self-assessment and other details 

Self-assessment bias reported by Dunning & Kruger 25 years ago [18] sparked intense 

debate right away [19,20] and often found itself in the crosshairs of mathematical 

modelling, mostly to challenge [21,22] and sometimes even depreciate [23] the otherwise 

obvious, capacity-dependent nature of cognitive biases based on marginal distortion 

effects and better-than-average heuristics. Scientists, however, regularly came to the 

conclusion that performance and self-assessment are proportional [24,25,26], linked the 

phenomena with almost every relevant aspect of human behaviour from spatial cognition 

to occupational psychology [27,28,29,30,31]. 

Although metacognitive abilities are not entirely human-specific [32], metacognition, 

however, from metamemory or knowing what we know [2,33], defines complex cognitive 

– e.g. metacognitive judgements [34], theory of mind [35], reasoning [36] – and affective 

abilities – eg. empathy [37], motivation [38,39] – that are essential in human social 

interactions [40], and are entirely capacity dependent [41,42].  
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Metacognitive effectiveness plays an inevitable role in mental health [43], and organic or 

functional impairments in neural correlates, such as the anterior and posterior cingulate 

cortex, insula, precuneus, superior temporal gyrus, inferior parietal lobe, ventromedial 

prefrontal cortex, and dorsolateral and frontopolar cortex [44] – in which Brodmann area 

9/10 centrally contribute in organising the introspective process based on grey matter 

differences and blood-oxygen level dependent (BOLD) signal analysis in a special form 

of thought monitoring: lucid dreaming [45] – characterize frequent clinical and 

psychiatric conditions from major depression through anxiety disorders to substance 

abuse [46]. 

1.2. The siege of metacognitive effectiveness 

The pandemic and its control measures affected the mental health of the general 

population regardless of confirmed viral exposure at an unprecedented scale. Studies have 

often reported a severe increase in mental illnesses and behavioural disorders, especially 

in pathologies related to metacognitive performance, attributed to organic and functional 

deterioration [47,48,]. 

The expected consequences of the social, economic and health crisis created uncertainty 

– a constant threat for almost the entire population globally – and led to an increase in 

mental health disorders and behavioural changes regardless of age [49,50,51,52,53]. 

Among the adverse immediate effects of the existential crisis on mental health, post-

traumatic stress disorder (PTSD) ranked first, followed closely by depression, anxiety and 

other behavioural and psychological disorders [54,55]. 

Insecurity and negative emotional attitudes are already known to affect cognitive 

performance [56,57,58], particularly in the areas of attention and executive functions 

[59,60], whereas psychological symptoms associated with existential threats disrupt 

circadian rhythms and disturb natural regeneration [61]. 

Traditional and social media have instantly generated – and maintained – panic [62,63], 

and the constant monitoring of news to tell fake and factual epidemiological information 

apart [64,65], the rise in media consumption [66], the lockdowns and other restrictions 

[67] have contributed to the exacerbation of psychosocial discomfort to different degrees 

[68,69]. Recent findings suggest that isolation and physical distancing itself [70] – 
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mistakenly echoed as social distancing, inducing fear of each other [71,72] – may also be 

responsible for functional uncertainty [73] and are associated with neuropsychological 

and neurobiological changes in early childhood and with age [74]. 

Crossing the blood‒brain barrier enabled the virus to inflict direct damage – microlesions, 

acute inflammation – to the central nervous system [75,76,77,78,79,80,81] and even 

caused psychiatric and neuropsychiatric complications [82], whereas comparative 

analysis of exposed and virus-naïve samples revealed differences in executive functions 

but not in working memory performance [83]. Symptoms commonly associated with the 

infection and its long-term effects – e.g., cardiovascular and respiratory issues 

[84,85,86,87,88], fatigue [89], pain [90], brain fog [91], and sleep disorders [92,93] – 

were present in individuals with postvaccination syndrome (PVS) [94] and also affected 

brain functions and resulted in impaired cognitive capacity and learning abilities [95,96], 

while also altered behaviours and mood [97,98,99]. 

1.3. Beyond bias 

“Metacognition and facial emotional expressions both play a major role in human social 

interactions [40,101] as inner narrative and primary communicational display, and both 

are limited by self-monitoring, control and their interaction with personal and social 

reference frames. Nonverbal communication holds significant importance in shaping 

interpersonal relationships, serving as a channel for expressing emotions and conveying 

information above content, it complements and alters primary meanings. Human emotion 

perception and recognition are automatic, enhanced by both organic (mirror neurons) and 

functional abilities (empathy). 

Observation of facial muscles movements has been shown in many studies to be sufficient 

in itself to assess the emotional state of a subject [102-105] enabled by distinct neuronal 

pathways [106], and in specific cases to show universal patterns across species and 

cultures [107]. For the basic emotions – joy, surprise, anger, disgust, sadness, fear – it is 

generally accepted that they can be reliably described by identical faciomuscular 

movement configurations and that they have individual, social and other meanings 

beyond the expression of emotion. [108] 
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Although the recent academic debate argues whether or not emotions are directly linked 

to facial expressions and challenges the status quo that they are universally recognized as 

summarized by Heaven [109], Cowen et al. [110] suggests a high-dimensional framework 

to map the phenomena of human emotional expression and experience, highlighting the 

complexity of the field. 

Recent studies conclude that while facial expressions are seemingly universal with a 

culturally dependent saturation of meaning, the underlying affective states rarely correlate 

with emotions that, in this sense, consist of spontaneous neurobiological changes and their 

cognitive evaluation, leading to cognition-dependent activation or inhibition of specific 

conscious responses and instinctive reflexes [111,112]. 

With the development of imaging and image analysis technologies, it has also become 

possible to code facial expressions and recognize emotions based on categorical [104] or 

continuous [113] models using artificial neural networks and machine learning in real 

time from recordings to use the resulting data for analysis, primarily for marketing 

purposes. [eg. 114,115] However, Automatic Facial Coding (AFC) systems developed to 

understand and influence consumers' emotions in line with profit driven purposes, are 

also ideally suited for psychological assessments, taking their limitations and potential 

into account and benefit both research and development [116]. 

The discrepancies of systematically manipulated content - e.g. the role of modalities, 

influence of artistic effects - in individual and social situations can be directly investigated 

when using high-quality videos recorded under laboratory conditions [117]. At the same 

time, when complemented with psychophysiological and psychometric measurement 

tools, AFC systems allow for sensitive data acquisition and – compared to traditional 

methods based on typically self-reported phenomenological interpretations – enables 

highly accurate statistical analysis, especially in the context of implicit process 

diagnostics [119]. 

A further advantage of video-based emotion recognition is that it can be analysed with a 

machine learning and artificial intelligence-enabled system, based on the judgement of 

emotion recognition experts – developed in time-consuming and expensive recruitment 

procedures – cross-referenced with relevant investigations, so that the human error can 

be eliminated in the analysis, resulting in AFCs to outperform humans [120]. 
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Humans, compared to apes [121], exhibit reduced short-term visual memory in urban 

settings but excel in distinct cortical functioning eg. long-term memory, imagination, and 

intentionality in deceit detection.”[17] Contrary to popular belief, the size difference 

alone would not matter in itself: the increased volume of the neocortex only supports 

reduced energy consumption by enabling improved resource allocation and distribution 

through advanced structural and functional effectiveness [118], enhancing cognitive 

capacity for logical thinking and intention attribution favoring long-term mating startegy 

assuring the survival of the species [122]. 

“Despite inherent inaccuracies [123], imagination plays a vital role in creating adaptive 

strategies for varying situations and stakes, hence assists risk assessment, meaning 

constant awareness and ability to mentally manipulate any and all information about the 

potential partner in order to reinforce or inhibit affiliation [124]. 

According to Ekman and Friesen [125], lying is nothing more than a dissonance of 

cognition and emotion that leads to nonverbal leakage along channels. The modality 

constraint and the separation of channels greatly affect the observer's picture of the 

observed person's affective-cognitive coherence - even without the content [126]. 

Analyzing facial expression, as a pivotal channel in human interactions [127], in terms of 

cognitive functions it is clear that it engages visual short-term and semantic visual 

memories associated with vision and its processing [128], just as much as the decoding 

of body language [129].  

Human cognition extends beyond processing 'what is' to also consider 'what could be' in 

nonverbal communication as well, particularly deception detection, which relies on brief 

visual cues, with the 'presentation' time of micro-expressions being as short as 1/5-1/25 

milliseconds [125,130]. The challenge lies in the detection of the emotional leakage that 

manifests in micro-expressions and contradicts the primary message. Detecting nonverbal 

leakage is complex, compounded by its atypical appearance. In human social interactions, 

distorted truths foster justifications, confirming suspicions and breeding stronger illusions 

to resolve cognitive dissonance.  

While cognitive biases and stereotypes can be useful in everyday life, peer influence also 

puts evolutionary pressure on self-deception as an adaptive strategy [131], they are 
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activated uncontrollably when the right risk (eg. time pressure, stakes, danger, emotional 

context) is present, and it is almost impossible to ignore them. 

Just like in Flavell's [2] subjects, self-awareness is key to performance – from fast and 

accurate perception to being able to be simultaneously aware of a situation and its possible 

outcomes – and especially in communication, probabilistic prediction of intentions and 

successful manipulation of others – and a capacity that allows these simultaneous 

processes to perform efficiently – allows one to time the use of resources optimally, and 

being aware of both limitations and potentials. Awareness relieves cognitive capacity of 

unnecessary burdens, and volitional inhibition can be applied to types of nonverbal 

leakage that are more difficult to detect, while those that are easier to assess lead to more 

accurate – or, defined by the inner speech or narrative, self-assuring – findings [132].” 

[17] 
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2. OBJECTIVES 

The aim of our study was to investigate associations of basic cognition, self-assessment 

and metacognitive abilities –metamemory and decisional awareness – without the usual 

statistical artefacts that stem from the bottom and top extremities, leaving less room for 

mathematical misinterpretation. Transforming the performance of the subject to a scale 

of 1 to 6 then titrating our sample task by task including groups from Group 2 to Group 

5 only for analysis dcerease the risk of possible artefacts. 

We have hypothesized that self-assessment bias is associated with metamemory and 

decisional awareness, and if so, strengthens metacognitive explanations regarding the 

‘unskilled and unaware’ and the ‘dual burden’ arguments, that low performers are 

overconfident in their bad decisions. 

The complex impact of the pandemic on human behaviour is reflected in the increased 

prevalence of clinical pathologies that are directly or indirectly associated with—or at 

least can be explained by—impaired metacognitive effectiveness; however, metamemory 

performance, decisional awareness and self-assessment have neither been studied in 

detail yet nor in the context of intergenerational and sex differences in association with 

COVID-19. 

Our study also aimed to investigate a relatively large sample of mentally healthy working-

age adults so that we could find novel associations of basic cognition, self-assessment 

and metacognitive abilities— metamemory and decisional awareness—when the first 

reports of the outbreak arrived. The collection of the third dataset was already scheduled 

when we started to suspect that either the virus, the control measures or both had affected 

metacognitive ability. Adverse experiences influence generations and sexes to different 

degrees [133], and as resilience [134], coping strategies [135], self-regulation [38], self-

talk [132], and self-assessment are closely linked to metacognitive abilities, given the 

opportunity, we have decided to examine the periodical deviations in cognitive 

performance, metacognitive effectiveness and self-assessment in terms of generational 

and sex differences. 

“In social interactions, intentional masking and display of emotional states lead to the 

appearance of micro-expressions and empathy-driven mimicry, therefore, we have 
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hypothesised that the defining inner narrative enabled by self-awareness – based on self-

confidence and personality – of a subject might project subconsciously and primes facial 

emotional expressions. To observe such phenomena and let faces serve as a purely inner-

state dependent display, subjects were prevented from maintaining interaction during data 

collection, hence allowing honest – or at least less deceitful – reactions to stimuli.  

While laboratory settings offer a sterile context to capture what might really be 

happening, they also miss out on revealing the real-life characteristics of social 

interactions. 

As activation and inhibition of expressing emotions are motivated and enabled by 

individually different interplay of cognitive and affective factors, we have also 

hypothesized that the removal of direct social contact will promote the temporal and 

qualitative extension of facio-muscular activation and therefore reveal otherwise 

voluntarily or subconsciously hidden characteristics of the associations between self-

confidence, personality traits and facial emotional expressions. 

Our goal was to develop a setting that allows more space for the observation of the life-

like approach to facial emotional expression using artistic and artificial experience as 

tools to understand the differences in emotional expressions and experiences between 

man-made and machine generated stimuli.” [17]  

H1 Self-assessment bias is associated with metamemory and decisional awareness 

H2 COVID-19 affected sexes and generations to different extents regarding cognitive 

performance, metacognitive effectiveness and self-assessment in terms of 

generational and sex differences. 

H3 Self-confidence (measured in self-assessment bias), personality traits and facial 

emotional expressions are interrelated. 
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3. METHODS 

3.1. Sample characteristics 

The study investigates a sample of self-reported mentally healthy, adult subjects 

(N=1394) based on availability and willingness who were tested online on their own 

devices. We then removed the top and bottom performers task by task after transforming 

their score to a scale ranging from 1 to 6 to match the scaling of the self-assessment, 

resulting in a final sample of 356 participants – 136 males (age=18-56; mean= 30.4; 

SD=9.16) and 220 females (age=18-55; mean= 29.9; SD=9.13) – who could therefore be 

at least 1 point optimistic or pessimistic in their self-assessment on a Likert scale of 6. 

[15] 

The data of working-age subjects (N=1385, age=18-65) – Generation Z (GZ; born 

between 1997-2012), Millennials (GM; born between 1981-96), Generation X (GX; born 

between 1965-80), Boomers (GB; born between 1946-64) [136] – were collected in three 

major periods: before the outbreak (BL), after the first lockdown (W1) and at the end of 

the crisis (PC) and trimmed to investigate the effects of the pandemic of four generations. 

[16] 

The main “study investigates a sample of 35 mentally healthy native Hungarian adult 

subjects – 14 men (age=28-51 years; M= 35.1 years) and 21 women (age=19-48; M = 

30.8 years) who were attended to a screening of artistic and artificial stimuli, where their 

facial emotional expressions were recorded and analyzed by artificial intelligence.” [17] 

3.2. Apparatus 

 

Figure 1. Test screens of the four computerized short term memory tasks. Task 

1 and Task 4 require the recall of spatiotemporal sequence of dots (T1) or 

random single digit numerals (T4). Task 2 and 3 simultaneously presented 
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single digit numerals in numeric order in automated (T2) and self-paced (T3) 

limited-hold settings [17]. 

The four online short term memory tests – 2 learning levels (span from 3 to 4 stimuli) and 

5 test levels (span from 5 to 9 stimuli) each – consisted of the computerised version of 

Corsi Block-Tapping Test (CBTT) [137] as a baseline task (Task 1) for its clinical and 

developmental relevance [138,139], the Inoue-Matsuzawa Masked Memory Task [140] 

in its original, limited hold (Task 2) and self-paced (Task 3) settings redesigned to 

measure metamemory faculty of metacognitive ability, while the last task was created 

based on CBTT to measure how subjects inhibit numero-spatiotemporal interference 

(Task 4) [141,142]. After each task, we have asked the participants to rate their 

performance compared to their peers on a Likert scale of 6. The computerisation of the 

tests enabled frontend action logging with millisecond accuracy, and provided the 

opportunity to our subjects to participate at a convenient time. 

3.2.1. Laboratory equipment and setting 

“Close-up studio cameras were set up in front of the subjects while they listened to the 

three literary excerpts in Hungarian with a total duration of 16 minutes interpreted by a 

professional actor in the following order: first with actor-performed audio (sound only), 

then with actor-performed experience (sound and image), and finally with artificially 

generated audio (sound only). After the first screening the order of stimuli was shuffled 

to avoid artefacts that may arise from order effect confound, despite the fact that we were 

only going to investigate modality dependent changes and individually specific emotion 

expressions.” [17] 

3.2.2. Facial action coding with artificial intelligence 

“The FaceReader by Noldus uses an artificial neural network to classify emotional 

expressions, which yields data such as basic expressions, individual expressions, head 

orientation, gaze direction, personality characteristics, valence and arousal, as well as 

heart rate and heart rate variability with frame-by-frame resolution limited by the 

analyzed video material’s frame rate and outputs data with milliseconds accuracy. By 

default, the diagnostic software measures the expression of the six basic emotions (joy, 
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fear, anger, sadness, surprise, disgust) as a percentage and the temporal expression of the 

most prominent emotion along reaction time. A validation study conducted by Stöckli et 

al. [146] found that FaceReader 6 performed the best of the major emotion classification 

software available at the time, with an average accuracy of 88%. Another study done by 

Lewinski, den Uyl and Butler [119] states that FaceReader correctly recognized 88% of 

expressions on average in the WSEFEP and ADFES pictures, whereas human participants 

only recognized 85%, and outperforms humans 90 to 59% when it comes to neutral faces 

[120]. FaceReader 8.0 reached a higher test-retest reliability than human coders [147], 

and the since improved version of FaceReader - version 8.1 was used in this study - 

achieved an even higher score of 96% in emotional recognition according to the 

developer, so we can at least assume it is as good as or even better than human coders and 

valid in minimum 88% of the cases.” [17]  

3.3. Variables 

The subjects reported their age and sex as biological variables. 

We measured cognitive performance at the learning and test levels separately task by task 

and accumulated scores in all learning (PLA) and all test phases (PTA). We logged the 

reaction times of hits (RT) and false alarms (FA) with millisecond accuracy levels by 

level and task by task and averaged them into new variables (RTLA=learning level average 

reaction time; RTTA=test level average reaction time; FALA= learning level average false 

alarm reaction time; FATA= test level average false alarm reaction time). Memory 

performance PT1-PT4 shows the number of hits across all the levels in the test phases of 

each task, PTA is the average of them. RTT1-RTT4 shows the average reaction time of hits 

across levels in each task, RTTA is the average of all of them. FAT1-FAT4 are the reaction 

times of false alarms, FATA is the average reaction time before mistaken recalls across all 

tasks. NPT1-NPT4 are the 1-6 transformed versions of PT1-PT4 that enabled us to filter out 

low (1-16%) and high (84-100%) performers by percentage ranges. 

The main index of metacognition often referred as metamemory, MM, shows the total 

score improvement between the self-paced (IMMMTSP) and limited hold (IMMMTLH) 

settings of the Inoue-Matsuzawa masked memory tasks. DAT1-DAT4 are another type of 

our metacognitive indices that show decisional awareness (DA), the ratio of average 
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reaction times over average false alarm reaction times (DA=FA/RT) task by task, DATA 

is the average reaction time ratio across all tasks and shows if a subject was hesitant – the 

sign of knowing that they do not remember correctly – before false recall.  

After each task, the participants were asked to rank their performance compared with that 

of their peers on a Likert scale of 6 (SA), which we translated into percentage values, then 

transformed the scores task by task into percentages and averaged their difference (SA-

PS) into the self-assessment bias index (SABPA). SA1-SA4 is the self-reported, raw self-

assessment indices after each task. SABP1-SABP4 shows the difference between actual 

and self-assessed performance in percentages task by task, while SABPA is its average 

across the tasks. ABS SABPA is the absolute deviation of the subjects’ self-assessment 

bias from zero.  

“Facial emotional expressions were recorded and analysed throughout the entire 

screening time with a chosen analysis frame rate of 30 frames per second resolution 

[148]– a unique ability of the artificial intelligence – into cumulated percentage values by 

basic (happy, surprised, sad, scared, disgusted, angry), other and neutral emotion category 

and each modality (‘HV Angry 28.36’ for the total percentage of anger expressed during 

each Human Video setting), then averaged into a modality-independent facial expression 

index (‘AE Angry 12.31’). 

Based on our preliminary exploration of the raw recordings and the collected data, we 

have identified the need to develop emotional expression ratios as new variables to be 

able to compare the characteristics across different modalities. Emotional Saturation (SE) 

shows the ratio of ‘dominant’ to ‘all other’ emotions, to explore the subject’s emotional 

span. Emotional Transparency (TE) represents the ratio of ‘basic six’ to ‘other’ emotions 

and reveals how difficult might be to decode the social target’s emotional state just by 

registering their facial expressions. 

Since emotions and personality traits are interrelated [eg. 149,150], based on therapeutic 

considerations [151] we have grouped basic emotions into three personality categories – 

Extroversion (happy and surprised), Neuroticism (sad and scared) and Hostility 

(disgusted and angry) by Izard’s theoretical framework and results [152] – to be able to 

analyse the associations of self-confidence and personality dimensions as defining factors 

of how subjects empathize, experience and express emotions.” [17] 
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3.4. Statistical analyses 

Spearman correlations Kruskal-Wallis tests and Brunner-Munzel tests – the most reliable 

nonparametric procedure for relatively small sample comparisons [143]  – were 

performed with jamovi version 2.5 [144,145]. The threshold for statistical significance 

was set at p < .05. 

3.5. Ethical declarations 

All procedures complied with the Helsinki Declaration and institutional guidelines and 

were approved by Semmelweis University Regional and Institutional Committee of 

Science and Research Ethics at SE RKEB 149/2019 on 31st July 2019 and by the 

Institutional Research Ethics Committee at the Institute of Psychology at Károli 

University of the Reformed Church in Hungary (52/2019/P/ET & 36/2020/P/ET). 

  

DOI:10.14753/SE.2025.3266



 19 

4. RESULTS 

4.1. Performance, metacognitive abilities and self-assessment 

4.1.1. Differences between the original and the filtered sample 

First, we wanted to understand whether there were any differences between our original 

and filtered samples. Removing the best and worst performers did not affect our original 

results much, subjects were correctly assessing their performance compared to their peers 

on average despite filtering extreme performers (Table 1; Figure 1). 

Table 1. Based on self-assessment (SAT1-SAT4), Kruskal-Wallis tests show 

significant results with task performances (PT1-PT4) in both original and filtered 

samples. [15] 

 Original sample (N=1394)  Filtered sample (N=356) 
 χ² df p ε²  χ² df p ε² 

PT1 x SAT1 173*** 5 <.001 .1240  34.0*** 5 <.001 .0959 

PT2 x SAT2 363*** 5 <.001 .2600  31.6*** 5 <.001 .0890 

PT3 x SAT3 485*** 5 <.001 .3480  64.4*** 5 <.001 .1820 

PT4 x SAT4 485*** 5 <.001 .3480  41.8*** 5 <.001 .1180 
Note. * p < .05, ** p < .01, *** p < .001 
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Figure 1. Based on self-assessment (SAT1-SAT4), Kruskal-Wallis tests yield 

significant results for task performance (PT1-PT4) means (º; 95% CI) in both 

original (top row) and filtered (bottom row) samples. [15] 

4.1.2. Performance and self-assessment 

From now on, we are reporting only the results of the filtered sample. The average self-

assessment bias (SAB) was -.400 (SD=1.01), and was significantly associated with task 

performance with the exception of Task 3 (Table 2; Figure 2). 

Table 2. Based on task performance (NPT1-NPT4), Kruskal-Wallis tests reveal 

that low performers are overconfident (SABT1-SABT4), and the better their 

actual performance the lower was their self-assessment rating (SAT1-SAT4). 

[15] 

 Self-assessment (SAT1-SAT4)  Self-assessment bias (SABT1-SABT4) 
 χ² df p ε²  χ² df p ε² 

NPT1 35.4*** 3 <.001 .0996  22.8*** 3 <.001 .0643 

NPT2 31.8*** 3 <.001 .0896  50.6*** 3 <.001 .1430 

NPT3 52.7*** 3 <.001 .1490  5.21 3 0.157 .0147 

NPT4 47.3*** 3 <.001 .1330  31.6*** 3 <.001 .0891 
Note. N=356; * p < .05, ** p < .01, *** p < .001 
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Figure 2. Based task performance (NPT1-NPT4) means (º; CI=95%) of the 

included four groups, the results of Kruskal-Wallis tests revealed that the better 

their actual performance (solid line) was, the lower their self-assessment rating 

(SAT1-SAT4), the more negative the bias (SABT1-SABT4) and only ‘Group 3’ 

was sometimes significantly close to zero bias (dashed line). [15] 

4.1.3. Decisional awareness, performance and self-assessment 

Low decisional awareness (DA) is associated with low performance and strengthens the 

“unskilled and unaware” argument on the ‘dual burden’ account, that low performers – 

often referred as incompetent – lack the metacognitive capacity to realize their mistakes 

on time. Investigating self-assessment (SA) and decisional awareness (DA) revealed that 

lower reaction times before false alarms are in line with lower self-assessment ratings 

(Table 3.) 

Table 3. Kruskal-Wallis tests show low performers (PT1-PT4) are less aware of 

their bad decisions (DAT1-DAT4), and the lower the awareness the lower was 

their self-assessment score (SAT1-SAT4). [15] 

 Performance (PT1-PT4)  Self-assessment (SAT1-SAT4) 
 χ² df p ε²  χ² df p ε² 
DAT1 122.0*** 3 <.001 .3430  19.7** 5 .001 .0554 
DAT2 103.0*** 3 <.001 .2890  12.0* 5 .035 .0338 
DAT3 14.8** 3 .002 .0418  9.28 5 .098 .0261 
DAT4 90.8*** 3 <.001 .2560  12.5* 5 .028 .0353 
Note. N=356; * p < .05, ** p < .01, *** p < .001 
 

4.1.4. General associations 

Spearman correlations revealed that the age of the subjects had a positive tendency with 

reaction time and a positive effect on false alarm reaction time.  

Memory performance is positively associated with reaction time and decisional 

awareness, while negatively associated with false alarm reaction time, metamemory and 

self-assessment bias. Reaction time is positively associated with false alarm reaction time 

and decisional awareness but negatively affects metamemory. 
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False alarm reaction time is in negative association with decisional awareness, and 

positive tendency with self-assessment bias. Decisional awareness negatively associated 

with metamemory and self-assessment bias. Metamemory positively correlates with self-

assessment bias. Self-assessment bias is also negatively associated with the absolute value 

of self-assessment bias (Table 4). 

Table 4. Spearman correlations and Bayes Factors (BF₁₀) show how 

performance indices (performance=P; reaction time= RT; false alarm reaction 

time= FA), self-assessment (=SAB) and metacognitive abilities – metamemory 

(=MM) and decisional avareness (=DA) are associated with each other. [15] 

  AGE PTA RTTA FATA DATA MM SABPA 
PTA Spearman's rho -.049 —      
 p-value .352 —      
 BF₁₀ .2892       
RTTA Spearman's rho .126* .488*** —     
 p-value .017 <.001 —     
 BF₁₀ 4.6222 1.44e +7      
FATA Spearman's rho .170** -.416*** .225*** —    
 p-value .001 <.001 <.001 —    
 BF₁₀ 893.4652 67598.4169 742.581     
DATA Spearman's rho -.070 .520*** .362*** -.546*** —   
 p-value .185 <.001 <.001 <.001 —   
 BF₁₀ 1.0544 1.48e +22 2102.005 1.11e +15    
MM Spearman's rho -.073 -.171** -.292*** .060 -.187*** —  
 p-value .171 .001 <.001 .263 <.001 —  
 BF₁₀ .1690 4.1144 48330.620 .0700 34.5539   
SABPA Spearman's rho .069 -.168** -.104 .117* -.140*** .154** — 
 p-value .196 .001 .051 .027 .008 .004 — 
 BF₁₀ .3601 125.1165 .169 .1011 6.7650 5.044  
ABS SABPA Spearman's rho .029 .031 .062 .018 .017 -.089 -.520*** 
 p-value .591 .563 .242 .734 .752 .093 <.001 
 BF₁₀ .0749 .0824 .117 .0746 .0907 .1830 6.3e +8 
Note. N=356; df=354; * p < .05, ** p < .01, *** p < .001 
 

4.2. Performance and metacognitive abilities during the pandemic 

4.2.1. Baseline associations 

Older subjects before COVID-19 scored lower in both the learning (PLA) and test phases 

(PTA), were overconfident (SABPA) and tended to be more hesitant before mistakes (FATA 

and DATA). The better learners (PLA) were better performers (PTA), scored slower (RTTA) 

but failed quicker (FATA), improved less in the metamemory task (MM), depreciated their 

performance (SABPA) and were less aware of their wrong decisions (DATA).  
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Those with better metacognitive skills (MM; SABPA; DATA) were also slower in scoring 

(RTTA) and failing (FATA). Decisional awareness (DATA) is positively correlated with 

metamemory performance (MM) and overconfidence (SABPA) (Table 5). 

Table 5. Spearman correlations of the baseline sample (N=392) before 

COVID-19 revealed associations with age, learning and test performance (PLA; 

PLT), reaction time (RTTA; FATA) and metacognitive ability (MM; SABPA; 

DATA). [16] 

BASELINE  AGE  PLA  PTA  RTTA  FATA  MM  SABPA  

PLA Spearman's rho -.169 *** —            

 p value <.001  —            

PTA Spearman's rho -.202 *** .431 *** —          

 p value <.001  <.001  —          

RTTA Spearman's rho -.065  .185 *** .575 *** —        

 p value .201  <.001  <.001  —        

FATA Spearman's rho .113 * -.154 ** -.482 *** -.036  —      

 p value .025  .002  <.001  .473  —      

MM Spearman's rho -.013  -.162 ** -.133 ** -.273 *** .198 *** —    

 p value .792  .001  .008  <.001  <.001  —    

SABPA Spearman's rho .153 ** -.195 *** -.281 *** -.142 ** .140 ** .028  —  

 p value .002  <.001  <.001  .005  .005  .578  —  

DATA Spearman's rho .109 * -.194 *** -.714 *** -.545 *** .704 *** .198 *** .156 ** 
 p value .031  <.001  <.001  <.001  <.001  <.001  .002  

Note. N= 392; * p < .05, ** p < .01, *** p < .001 

 

4.2.2. Before, during and after COVID-19 

In general, COVID-19 negatively affected short-term memory during the learning phase 

(PLA) more strongly during the first lockdown (W1), whereas scores in the self-paced 

setting (IMMMTSPT) of the tests and metamemory performance (MM) constantly 

decreased over time in the analysed sample. 

Male subjects learned (RTLA) and failed (FATA) more slowly but scored quicker (RTTA) 

and more quickly in CBTTT and less so in IMMMTSPT and MM than did women, who 

were initially (BL) more confident, suddenly (W1) became more uncertain and then 

quicker again (PC) in their bad decisions (DATA). 

Table 6. Kruskall‒Wallis tests revealed differences between subjects in 

pandemic periods (C-19), periodical sex (C-19×SEX) and generational (C-
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19×GEN) differences and the interaction of sex and generations over time (C-

19×SEX×GEN). ). [16] 

 C-19 C-19×SEX C-19×GEN C-19×SEX×GEN 
 χ² df p 

 
ε² χ² df p 

 
ε² χ² df p 

 
ε² χ² df p 

 
ε² 

CBTTL 5.7518 2 .056  .00416 9.32 5 .097  .00673 74.33 11 <.001 *** .05370 88.2 22 <.001 *** .06370 

IMMMTLHL 4.7164 2 .095  .00341 8.77 5 .119  .00634 45.68 11 <.001 *** .03301 56.2 22 <.001 *** .04060 

IMMMTSPL .0463 2 .977  3.34E-05 4.54 5 .475  .00328 3.46 11 .983  .00250 27.6 22 .190  .01990 

PLA 6.1253 2 .047 * .00443 6.47 5 .263  .00468 72.15 11 <.001 *** .05213 8.2 22 <.001 *** .05790 

RTLA 1.4314 2 .489  .00104 24.95 5 <.001 *** .01805 43.97 11 <.001 *** .03182 83.0 22 <.001 *** .06000 

FALA 1.4337 2 .488  .00245 2.48 5 .779  .00423 17.32 11 .099  .02955 28.0 22 .176  .04780 

CBTTT 3.0446 2 .218  .0022 26.25 5 <.001 *** .01896 78.52 11 <.001 *** .05673 11.3 22 <.001 *** .07970 

IMMMTLHT 2.1131 2 .348  .00153 6.21 5 .286  .00449 52.37 11 <.001 *** .03784 66.1 22 <.001 *** .04780 

IMMMTSPT 13.5205 2 .001 ** .00977 14.33 5 .014 * .01035 53.15 11 <.001 *** .03840 64.8 22 <.001 *** .04680 

PTA 4.8571 2 .088  .00351 9.34 5 .096  .00675 79.98 11 <.001 *** .05779 95.9 22 <.001 *** .06930 

RTTA .0965 2 .953  7.01E-05 15.21 5 .009 ** .01106 17.36 11 .098  .01262 64.8 22 <.001 *** .04710 

FATA 3.5638 2 .168  .00258 17.86 5 .003 ** .01291 91.5 11 <.001 *** .06616 107.8 22 <.001 *** .07790 

MM 9.465 2 .009 ** .00684 11.92 5 .036 * .00861 24.02 11 .013 * .01736 3.1 22 .116  .02180 

SABPA 5.4122 2 .067  .00391 43.67 5 <.001 *** .03156 31.65 11 <.001 *** .02287 78.6 22 <.001 *** .05680 

DAA 2.6501 2 .266  .00193 12.69 5 .026 * .00923 54.24 11 <.001 *** .03945 72.6 22 <.001 *** .05280 

Note. N=1385; * p < .05, ** p < .01, *** p < .001 

 

The gender gap further deepened during the pandemic with respect to self-assessment 

(SABPA), as both sexes were negatively biased at the beginning of the sampling period, 

but while men improved their original accuracy, women remained almost as self-

depreciating as they were (Table 6-7, Figure 3) 

We were able to reveal generational differences regarding almost every observed aspect 

except for the self-paced setting (IMMMTLA), the false alarm reaction time (FALA) in the 

learning phase, and the reaction time during the test phase (RTTA). Millennials (GM), 

despite being the slowest (RTLA; RTTA), outperformed everyone else in the test phase 

(PTA) before the outbreak (BL) and at the end of the crisis (PC). 

Table 7. Heatmap of percentage fluctuations (Δ; red=increase, blue=decrease) 

of means relative to the pre-pandemic baseline (BL) average over time 

(W1=end of first lockdown, PC=end of restrictions) across generations 

(GZ=Generation Z; GM=Millennials; GX= Generation X; GB= Baby 

Boomers) and sex (male and female) in test performance (PTA), metamemory 

(MM), decisional awareness (DATA) and self-assessment bias (SABPA). ). [16] 

DOI:10.14753/SE.2025.3266



 25 

  MEAN Δ (%) GZ Δ (%) GM Δ (%) GX Δ (%) GB Δ (%) 

PTA BL 13.10 0.0 13.20 0.8 13.80 5.3 11.80 -9.9 9.17 -30.0 

 MALE 13.00 -0.8 12.60 -3.8 13.80 5.3 11.70 -10.7 11.80 -9.9 

 FEMALE 13.20 0.8 13.40 2.3 13.80 5.3 11.80 -9.9 7.29 -44.4 

 W1 12.50 -4.6 12.10 -7.6 13.00 -0.8 11.60 -11.5 7.89 -39.8 

 MALE 12.90 -1.5 12.50 -4.6 13.00 -0.8 12.80 -2.3 NaN NaN 

 FEMALE 12.30 -6.1 11.80 -9.9 12.90 -1.5 11.00 -16.0 7.89 -39.8 

 PC 12.60 -3.8 13.20 0.8 12.40 -5.3 10.70 -18.3 8.93 -31.8 

 MALE 12.80 -2.3 13.40 2.3 12.30 -6.1 11.50 -12.2 5.00 -61.8 

 FEMALE 12.40 -5.3 13.00 -0.8 12.40 -5.3 10.40 -20.6 9.92 -24.3 

MM BL 5.14 0.0 4.95 -3.7 5.19 1.0 5.19 1.0 6.33 23.2 

 MALE 5.56 8.2 5.19 1.0 5.76 12.1 5.60 8.9 5.60 8.9 

 FEMALE 4.93 -4.1 4.86 -5.4 4.85 -5.6 4.95 -3.7 6.86 33.5 

 W1 4.92 -4.3 4.49 -12.6 4.47 -13.0 5.93 15.4 9.83 91.2 

 MALE 5.05 -1.8 3.67 -28.6 4.72 -8.2 6.51 26.7 NaN NaN 

 FEMALE 4.85 -5.6 5.19 1.0 4.35 -15.4 5.62 9.3 9.83 91.2 

 PC 3.94 -23.3 4.03 -21.6 3.06 -40.5 4.96 -3.5 4.60 -10.5 

 MALE 3.55 -30.9 3.82 -25.7 2.69 -47.7 3.96 -23.0 10.00 94.6 

 FEMALE 4.23 -17.7 4.20 -18.3 3.42 -33.5 5.44 5.8 3.25 -36.8 

DATA BL 2.37 0.0 2.44 3.0 2.08 -12.2 2.90 22.4 2.86 20.7 

 MALE 2.38 0.4 2.69 13.5 2.06 -13.1 2.95 24.5 1.54 -35.0 

 FEMALE 2.37 0.0 2.35 -0.8 2.09 -11.8 2.87 21.1 3.80 60.3 

 W1 2.77 16.9 2.51 5.9 2.37 0.0 3.24 36.7 14.50 511.8 

 MALE 2.17 -8.4 2.41 1.7 1.99 -16.0 2.49 5.1 NaN NaN 

 FEMALE 3.09 30.4 2.60 9.7 2.56 8.0 3.65 54.0 14.50 511.8 

 PC 2.57 8.4 2.31 -2.5 2.55 7.6 3.34 40.9 6.81 187.3 

 MALE 2.60 9.7 2.44 3.0 2.58 8.9 3.12 31.6 13.00 448.5 

 FEMALE 2.55 7.6 2.20 -7.2 2.53 6.8 3.45 45.6 5.26 121.9 

SABPA BL -9.11 0.0 -11.40 -25.1 -9.08 0.3 -6.76 25.8 3.60 139.5 

 MALE -6.56 28.0 -4.28 53.0 -9.18 -0.8 -4.43 51.4 0.32 103.5 

 FEMALE -10.40 -14.2 -14.10 -54.8 -9.03 0.9 -8.08 11.3 5.95 165.3 

 W1 -7.56 17.0 -1.05 88.5 -9.89 -8.6 -4.86 46.7 8.47 193.0 

 MALE -4.55 50.1 2.93 132.2 -8.18 10.2 0.86 109.4 NaN NaN 

 FEMALE -9.16 -0.5 -4.46 51.0 -10.80 -18.6 -7.91 13.2 8.47 193.0 

 PC -5.88 35.5 -6.84 24.9 -4.83 47.0 -3.39 62.8 -14.20 -55.9 

 MALE -1.58 82.7 -2.23 75.5 -0.75 91.7 0.27 102.9 -10.70 -17.5 

 FEMALE -9.22 -1.2 -10.60 -16.4 -8.63 5.3 -5.12 43.8 -15.10 -65.8 
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Figure 3. Kruskall‒Wallis tests revealed differences between subjects by 

pandemic period in general (C-19), periodical sex (C-19×SEX; Male: blue line; 

Female: red line) and generational (C-19×GEN) differences and the interaction 

effects of sex and generations over time (C-19×SEX×GEN) on test 

performance (PTA), metamemory (MM), decisional awareness (DATA) and 

self-assessment bias (SABPA). ). [16] 

Generation Z (GZ) could take the lead for a short while during the first wave (W1), 

whereas Boomers (BM) were the quickest (RT) and least successful (P). Metamemory 

performance (MM) decreased over time, with a spike in each generation at W1, similar 

to decisional awareness (DATA); however, the latter increased by the end of restrictions 

(PCs) for GX and GB. 

The original order of self-assessment bias (SABPA) changed the most during the observed 

period for GB, whose overconfidence at the beginning further increased by W1 but 

became the least optimistic at the end. The baseline bottom Generation Z improved self-
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confidence (SABPA) almost to accuracy, whereas Millennials became the most 

pessimistic at W1, but all returned to the original ranks of bias with a slight overall 

increase in optimism. In contrast to other generations, GX improved in their self-

assessment constantly and became the most accurate group at the end of the sampling 

period. 

The within- and between-generational sex differences varied the most at the end of the 

first lockdown (W1), rearranging the rankings of performance (PTA), decisional 

awareness (DATA) and self-assessment bias (SABPA) indices by the end of the pandemic, 

as expected, on the basis of our previous findings [154]; however, there were no 

significant disparities in metamemory (MM) performance between the groups.  

4.3. Performance, metacognitive abilities and emotion 

“Brunner-Munzel testing confirmed no evidence of sex differences (Table 8) in our 

sample regarding age (Age), memory performance (P), self-assessment bias (SAB), self-

assessment accuracy (ASAB) and polarity (PSAB).” [17]  

Table 8. Brunner-Munzel tests confirms no evidence of differences between 

basic variables (Age, Memory Performance, Self-Assessment Bias, Accuracy 

and Polarity) and sex. [17] 

 Statistic df p Relative effect 
AGE -1.559 31.8 .129 .350 

P -0.182 29.9 .857 .481 
SAB -0.441 28.9 .662 .459 
ASAB 0.406 24.3 .688 .524 
PSAB -0.538 27.9 .595 .452 

Note. Hₐ P̂(1 < 2) + ½P̂(1 = 2) ≠ ½ 

 

“Compared to audio presentation (sound only), the full artistic experience (sound and 

video) seemingly rather dimmed than enhanced emotional expressions. Contrary to our 

expectations, Kruskal-Wallis testing of emotional expressions by modalities – Human 

Audio, Human Video, Artificial Audio and their modality-independent Average – 

confirmed no evidence of such phenomena (Table 9).” [17] 
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Table 9. Kruskal-Wallis tests confirm no evidence of differences between each 

modality (HA, HV, AA) and their average (AE). [17] 

Emotion χ² df p ε² 
Neutral 0.740 3 .864 .00532 
Happy 0.741 3 .863 .00533 

Surprised 2.249 3 .522 .01618 
Sad 0.608 3 .895 .00437 

Scared 2.015 3 .569 .01449 
Disgusted 0.540 3 .910 .00388 

Angry 3.074 3 .380 .02212 
Other 5.107 3 .164 .03674 

SE 1.801 3 .615 .01296 
TE 0.343 3 .952 .00247 

Extroversion 1.473 3 .689 .01060 
Neuroticism 0.530 3 .912 .00382 

Hostility 2.511 3 .473 .01807 

 

“General analysis of the sample revealed that self-assessment bias is moderately 

associated with the expression of anger (χ²= 7.3736, df=2, p=0.25, ε²=0.21687) and 

hostile tendency (χ²= 7.4567, df=2, p=0.24, ε²=0.21931). Surprisingly and quite contrary 

to our expectations based on a previous phenomenological approach [153] the difference 

between the expressions of other basic emotions were not significant (Table 10).” [17] 

Table 10. Kruskal-Wallis tests confirm evidence of differences between self-

assessment bias (SAB) and the average of facial emotional expressions (AE 

Angry, AE Hostility). [17] 

Emotion χ² df p ε² 
Neutral 3.7451 2 .154 .11015 
Happy 2.3276 2 .312 .06846 

Surprised 0.0597 2 .971 .00176 
Sad 2.0917 2 .351 .06152 

Scared 1.5000 2 .472 .04412 
Disgusted 2.6545 2 .265 .07807 

Angry 7.3736 2 .025* .21687 
Other 5.3169 2 .070 .15638 

SE 3.5787 2 .167 .10526 
TE 2.7109 2 .258 .07973 

Extroversion 1.3546 2 .508 .03984 
Neuroticism 2.0917 2 .351 .06152 

Hostility 7.4567 2 .024* .21931 
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“Categorical grouping and Brunner-Munzel testing (Table 11) of our sample by accurate 

or biased self-assessment (ASAB) confirmed evidences that Neutrality (BM=2.97, 

df=5.58, p=0.014, RE=0.798) as lack the of detectable expressions and Transparency 

(BM=2.33, df=26.01, p=0.014, RE=0.702) as the incidence of basic emotional 

expressions was strongly higher, while Saturation (BM=-2.62, df=9.08, p=0.005, 

RE=0.210) as the variety of emotional experiences was moderately lower in the biased 

group.” [17] 

Table 11. Brunner-Munzel tests confirm evidence of differences by self-

assessment bias accuracy (ASAB) and emotional neutrality, emotional 

saturation (SE) and emotional transparency (TE) across modalities and their 

average (AE). [17] 

Emotion Modality Statistic df p Relative effect 
Neutral HA 1.88 8.96 .047* .694 

 HV 2.87 4.20 .021* .815 
 AA 4.03 5.50 .004** .847 
 AE 2.97 5.58 .014* .798 

SE HA -2.72 14.51 .008** .258 
 HV -1.87 4.27 .065 .258 
 AA -2.62 7.56 .016* .242 
 AE -3.26 9.08 .005** .210 

TE HA 1.33 3.96 .128 .694 
 HV 1.14 4.18 .158 .665 
 AA 4.11 12.28 < .001*** .819 
 AE 2.33 26.01 .014* .702 

Note. n=35; Hₐ P̂(1 < 2) + ½P̂(1 = 2) > ½ 
 
“Exploring the differences between modalities, the artificial audio (AA) setting emerged 

both in emotional Neutrality (BM=4.03, df=5.50, p=0.004, RE=0.847) and Transparency 

(BM=4.11, df=12.28, p<0.001, RE=0.819) in the biased group with a strong relative 

effect, while the human audio (HA) setting elicited moderately Saturated expressions 

(BM=-2.72, df=14.51, p=0.008, RE=0.258) in the accurate group. Brunner-Munzel tests 

revealed (Table 12) relatively strong associations of positive bias polarity (PSAB) and 

Hostility across modalities and their Average (BM=2.91, df=33.0, p=0.003, RE=0.732), 

as a result of strong synergetic tendencies of Disgust (BM=1.74, df=27.0, p=0.047, 

RE=0.608) and Anger (BM=2.35, df=27.0, p=0.013, RE=0.670). Altogether, the subjects 

of the observed sample reacted typically with neutral expressions to the presented stimuli, 

which can be explained by the reduced attentional capacity and the resulting lower 

receptivity and empathy due to the fear of the epidemic and the stress arising from the 

restrictions, as well as by the laboratory situation itself.” [17] 
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Table 12. Brunner-Munzel tests confirm evidence of differences by self-

assessment bias polarity (PSAB) and Disgust, Anger and Hostility across 

modalities and their average (AE). [17] 

Emotion Modality Statistic df p Relative effect 
Disgusted HA 1.74 27.0 .047* .608 

 HV 1.67 29.0 .053 .605 
 AA 0.97 30.1 .171 .552 
 AE 1.67 29.0 .053 .605 

Angry HA 2.35 27.0 .013* .670 
 HV 1.67 29.0 .053 .605 
 AA 1.46 25.0 .078 .585 
 AE 2.40 31.9 .011* .681 

Hostility HA 3.38 31.3 < .001*** .755 
 HV 1.93 32.9 .031* .647 
 AA 1.82 30.7 .039* .632 
 AE 2.91 33.0 .003** .732 

Note. n=35, Hₐ P̂(1 < 2) + ½P̂(1 = 2) > ½ 
 

“It is also a surprising result that despite the lack of direct evidence of emotional 

experience difference between modalities, we have found strong but modality-dependent 

associations with self-assessment bias and emotional expressions, which leads to several 

conclusions:  

a) that the actor's predominantly negative-neutral facial expressions influence the 

recipient's facial expressions in terms of affective transfer; and 

b) that the emotional intensity of the audio-only experience is higher because this 

form presumably allows more room for imagination, hence reserves cognitive 

processing power to the detriment of the control of facial expressions. 

The artificial sound, on the other hand, has often resulted both in temporary serenity in 

case of negative emotions and in enhanced positive emotions, most probably because of 

its comic intonation and inconsistent emphasis which were violating natural patterns, 

resulting in relatively strong associations between self-assessment accuracy, emotional 

transparency and neutrality. Accurate self-assessment is associated with lower facial 

emotional control (lower Neutrality), higher emotional Saturation and lower 

Transparency, compared to any sign of bias, while Anger and Hostility are typical in the 

overconfident group.” [17]  
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5. DISCUSSION 

As we hypothesized, self-assessment bias is associated with metamemory and decisional 

awareness. Score transformation of memory performance to match the Likert scale of 

self-assessment allowed us to remove Group 1 and Group 6 – the worst and best 

performers – from the original sample so we could create an opportunity that allowed 

subjects to be almost equally optimistic or pessimistic on the margins as in the middle, 

hence removing the effect of possible artefacts that the mathematical models revealed.  

The age of the subjects did not affect average cognitive performance, either because of 

the short age span or because of the removal of best and worst performers, however, it 

was associated with slower reaction times both for hits and for false alarms. High 

performers acquired hits more quickly and were more aware of their mistakes as expected, 

confirming the capacity dependent nature of metacognitive abilities. The significant 

associations between high self-assessment bias and low performance and low decisional 

awareness and a correlation with metamemory clearly show that self-assessment is partly 

a metacognitive task, that – without any feedback during the tests –intuitively processed 

and is essential where accurate performance-based judgments are necessary, mainly in 

collaboration and social effectiveness. 

Instead of the usual statistical manipulations, we were able to design the experiment with 

the purpose of trimming the edges based on performance and explore how self-assessment 

bias persists and fundamentally similar to previous findings. Despite remote – or online 

– testing has its own strengths and limitations [155,156], computerisation provided us 

with the ability to record the actions of our subjects with millisecond accuracy, not to 

mention the ease of access to a relatively large sample in a short period of time. Although 

we have not controlled our study for computer literacy, we strongly believe that in light 

of that we have calculated our only reaction-time based variable – decisional awareness 

– depending on the subjects’ own pace, that effect negligible.  

Due to a performance confound, metamemory index can be higher for those who scored 

relatively less during automatic pacing of the limited hold memory test [157], however, 

with the elimination of bottom and top performers we might have corrected our results 

for this effect, as we have not found any age-related differences [158]. Intrinsic 
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motivation [159], having it or not, may also affect the results of metacognitive judgements 

as the subjects knew whether or not they were exerting sufficient effort into completing 

the tasks, and having more control [160] may have improved the performance of the 

subjects between Task 3 and Task 2. Metacognitive abilities are mostly studied in younger 

subjects; therefore, we hope that our sample characteristics allow us to generalize our 

results to mentally healthy working-age populations with the usual limitations of near-

university samples [161] and cultural characteristics [162], assuming that the tasks – 

especially CBTT – required sufficient effort to enable us the exclusion of subjects with – 

even the mildest – cognitive impairment.  

In general, COVID-19 affected sexes and genarations to different extents regarding 

cognitive performance, metacognitive effectiveness and self-assessment in terms of 

generational and sex differences. We revealed continuous decay in metamemory 

performance regardless of age and sex—an alarming discovery from the therapeutic 

aspect [163,164]—during the investigated periods (BL, W1 and PC), the probable result 

of—unlike the expected performance-related explanations [165] based on the scores of 

our subjects—changes in mood and attitude that manifested in demotivation [39,166], 

isolation and social deprivation led to the underutilization of metacognitive abilities 

[167], or a direct effect of SARS-CoV-2 exposure in addition to previous results 

[83,168,169]. 

The exploration of self-assessment revealed that subjects initially underrated their 

performance in general; however, men displayed more confidence by default and further 

improved their accuracy over time until they were almost realistic. The lower self-

assessment scores of female subjects might reflect their low self-confidence [170] 

because they judge themselves too harshly [171]. 

The most surprising of all generational differences was that although Boomers endured 

the most throughout their lifespan and we were expected to be the least vulnerable to 

adverse experiences [172], Boomers have suffered the most damage—likely because 

isolation had a greater impact on them [173] or their offspring were at such risk for the 

first time—during the investigated period, whereas other generations deviated from 

default during the first lockdown and almost returned to their original scores by the end 

of the crisis. Another observation comparing Gen B to other generations concerns 
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decisional awareness, the metacognitive index measuring the ratio between the reaction 

times of false alarms and hits, where they displayed significant hesitation before mistakes, 

almost as if they had lost track of what they were doing [174]. Boomers also deviated the 

most from default in self-assessment, ranked themselves the highest by the end of the first 

lockdown, and became the least confident at the end of the crisis among the observed 

generations, possibly because self-assessment requires metacognitive and intuitive 

processes, since there was no performance-related feedback during the tasks. Given the 

time-sensitive nature of short-term memory tests [175], including the implicit registry of 

results during the tasks and considering the mental health correlates of metacognitive 

effectiveness, measuring such uncertainties might contribute to the development of novel 

preventive diagnostic methods of all related psychopathologies in the future, especially if 

subjects are profoundly assessed and even the slightest subclinical deviances are explored 

beforehand and not just reporting a sine morbo mental status. 

Additionally, we cannot completely rule out the effect of the – morally obliged, peer 

pressured, heavily incentivized or often even employer-mandated, but definitely 

discriminating and socially polarizing [176] – vaccination on metacognition in light of 

recent studies that examined how vaccine-related local and systemic side effects 

[177,178], especially in the case of mRNA-based immunization [179,180], including 

organic [181] and functional neurological disorders [182,183,184], and further increased 

the severity of the mental burden for affected individuals [185]. 

The main “aim of the study was to investigate how cognitive capacity and metacognitive 

abilities relate to facial emotional expressions, we found that self-confidence (measured 

in self-assessment bias), personality traits and facial emotional expressions are 

interrelated. The short-term memory tasks were essential to measure an objective output 

in a non-familiar situation, on which subjects were able to intuitively reflect on and 

estimate their performance on a scale of 1-6 compared to peers. Processing these objective 

and subjective factors gained us access to the individually attributive degree of self-

assessment bias, which allowed the exploration of the subjects’ inner narrative without 

the typical influencing factors of self-reported results. To let faces serve as a purely inner-

state dependent display, subjects were prevented to maintain interaction during the 
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screening, hence allowing unfiltered – or at least less voluntary – facial emotional 

reactions to stimuli. 

As we have hypothesised, the defining inner narrative of a subject projects 

subconsciously towards peers and influences facial emotional expressions. The intensity 

of facial emotional expression depends on whether and to what extent the subject is 

organically and functionally able and willing to communicate emotional state to others in 

a given situation. Cognitive capacity directly determines the ability of self-control – 

associated with the approach or inhibition of certain behaviours – and metacognitive 

ability which together influence self-awareness, social interactions, and are particularly 

relevant in the case of intentional expression or repression of facial emotions. However, 

in the applied laboratory setting none of this mattered: subjects were practically prevented 

interaction, and their purely receiving role allowed us to observe facio-muscular reactions 

without their normally active facial expression filters. 

Happiness, sadness and surprise appeared on the faces regardless of the array and 

magnitude of self-assessment bias, leading us to a conclusion that their inner narrative 

aligned with past experiences and primes expressions by eliciting sympathy and support 

in others for the results – whether they lag behind promises or meet expectations – might 

be independent of self-confidence. Hostile – disgust and mainly anger – emotional 

expressions, on the contrary, stem in overconfidence and mitigates the expected harm that 

might be done by others for the results are thought to fall short of requirements, providing 

a higher ground in a predicted conflict on a ‘best defense is attack’ basis and as a 

constructive, reparative response [186]. Our finding indicates that further research may 

explore how overconfidence exactly relates to inner speech, the expression of anger and 

hostility, and whether and how these results might serve therapeutic aspects.  

Neutrality and happiness were detected in cases of congruent self-reflection, independent 

of cognitive capacity but related to gender disparities. Male subjects of minimally biased 

or precise self-assessment seemingly enjoyed the screening more than females, which can 

either be attributed to 

a) the male actor’s appearance or the play itself, 

b) the mood and topics of the literary excerpts, or  
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c) simply the fact they were able to relax and focus on the experience of having 

a normally peaceful inner narrative due to their accurate self-reflection and 

social reference frame. 

In conclusion, self-assessment bias seemingly related to how subjects manipulate their 

environment, and depending on their projected expectations based on past experiences, 

self-confidence and personality, their expression reflected on how they want others to see 

them: hostile, friendly or lost. 

The costs and benefits of expressing or repressing emotional states are purely situational 

and depend on capacity and motivation. Whilst in social interactions sympathy, empathy 

– a special form of metacognition, being aware and in control of feelings – and intention 

define verbal-nonverbal congruency, inhibition of emotional leakage becomes futile for 

subjects who are experiencing temporary social deprivation or isolation. 

The reception of artistic performance as a one-way communication triggered more intense 

emotional reactions when imagination reserved cognitive capacity, while the appearance 

of the actor saturated the experience resulting in similar, but decreased amplitude of facial 

expressions. Observing such phenomena allows us to conclude that artistic audio-visual 

experience might develop empathy and empathetic skills by solitary exploration of 

affective changes which improve self-awareness by practicing adaptation to another 

person without the consequences of the attempt. 

In conclusion, the removal of direct social contact promotes the temporal and qualitative 

extension of facial emotional expressions and therefore linked to cognitive capacity, 

metacognitive abilities and personality traits. 

Although the relatively small sample size, the self-reported mental health status and 

known effects of the pandemic – and its due restrictions – on cognitive abilities [187,188] 

prevent us from directly generalize these findings to the majority of the population, our 

results indicate that further investigation of the yet revealed pattern would be beneficiary 

in the development of diagnostic tools and therapeutic interventions. 

The experiments were carried out between May and June 2020, after months of obligatory 

use of surgical masks, social deprivation, existential threat and uncertainty which 

altogether might have altered emotional experience and expression due to known increase 

in mental illnesses and disorders [189,190]. It is important to underline that recent 
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findings suggest that isolation and physical distancing itself - which has been 

misinterpreted by mainstream media as social distancing - may also be responsible for 

functional uncertainty, as it is associated with neuropsychological and neurobiological 

changes in early childhood and with age [191], and therefore may alter nonverbal 

communication patterns.  

Further and better funded investigation involving artificial intelligence that enables 

temporal data processing – eg: emotional Saturation and Transparency – in a larger 

sample may also be required to determine whether and how metacognitive abilities 

interplay in the expression of facial emotions and recognition, especially in relation with 

psychophysiological correlates – eg. heart rate variability, galvanic skin resistance – of 

emotion production, empathetic skills and manipulation.” [17]  
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6. CONCLUSIONS 

Our results indicate that the psychological explanations of the Dunning-Kruger paradigm 

regarding metacognition are correct and remind us that challenging, or even depreciating 

scientific results based on intentionally designed mathematical models are sometimes 

nothing but throwing the baby out with the water, although may improve research design 

and lead to stronger conclusions. 

We have found strong links between baseline cognitive performance, metacognitive 

effectiveness—measured in metamemory performance and decisional awareness—and 

self-assessment, which deviated the most from default after the initial shock in men and 

women of four generations during the COVID-19 crisis, however further investigation 

may be required to define whether the associations are direct or under another, yet hidden 

influence. 

We have confirmed that performance and self-assessment ratings were 1) task dependent 

and 2) in line with the results of previous investigations (eg: the dual burden effect), now 

explored in basic cognition. Subjects in general were able to assess their performance 

compared to each other correctly despite their biases, and since we have also confirmed 

that both empirical metacognitive indices – metamemory and decisional awareness – 

correlate with self-assessment, we may safely say that earlier arguments of previous 

psychological explanations also stand. Separating causes from effects and understanding 

what, when, how and why certain changes affected individuals during the pandemic are 

extremely difficult. Although we were able to confirm the decrease in metacognitive 

effectiveness that we expected on the basis of the increased prevalence of related mental 

disorders, the exploration of whether and how and to what extent the neural correlates of 

metamemory are affected by direct exposure to the virus, immunization, or psychosocial 

discomfort as a result of the control measures requires further investigation. 

Sample characteristics allow us to generalize our results to mentally healthy working-age 

populations with the usual limitations of academic research [192]; hence, the prevention 

of an increase in psychosocial discomfort and a decline in mental health arising from such 

synergy of multiple negative events requires more thoughtful communication and 

improved action preparedness from future crisis managers, both globally and locally.  
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7. SUMMARY 

The main aim of the study was to reveal how self-assessment, personality traits and facial 

emotional expressions are interrelated, therefore we first have analysed the associations 

between our main variables then understood how the effects of the historical context – 

the COVID-19 crisis – affected our sample. 

We investigated in line with three hypotheses to reveal how 1) self-assessment bias is 

associated with metamemory and decisional awareness, 2) how COVID-19 affected sexes 

and generations to different extents regarding cognitive performance, metacognitive 

effectiveness and self-assessment in terms of generational and sex differences, and finally 

to explore 3) how self-confidence (measured in self-assessment bias), personality traits 

and facial emotional expressions are interrelated. 

We recruited a sample (n=1394) of adult, mentally healthy subjects who completed four 

computerized short-term memory tests of increasing complexity designed to investigate 

basic cognition, self-assessment and metacognitive abilities. We then eliminated 

extremely low and high performers, leaving a final sample of 354 subjects who were able 

to assess their performance equally optimistic or pessimistic on a Likert scale of 6. Then 

we filtered our original sample based on age (n=1385) to reveal intergenerational and sex 

differences during the COVID-19 crisis, to understand better the characteristics of our 

target sample (n=35) who attended a screening of artistic and artificial stimuli, where their 

facial emotional expressions were recorded and analysed by artificial intelligence.   

Cognitive and metacognitive abilities—metamemory and decisional awareness—and 

self-assessment are associated with each other as hypothesised and results confirm our 

third hypothesis regarding “self-assessment bias in association with emotional 

expressivity – neutrality, saturation, transparency – and the display of anger and hostility. 

Our results indicate that self-assessment bias interplays in subconscious communication 

with empathetic skills and manipulation.” [17] The significant associations between self-

assessment bias, performance, decisional awareness and metamemory provides clear 

evidence that self-assessment has a strong metacognitive faculty and without any 

feedback during the tests, involves intuitive processes and strongly associated with 

empathetic skills.   

DOI:10.14753/SE.2025.3266



 39 

8. REFERENCES 

1. Bruner, J. S. (1964). The course of cognitive growth. American psychologist, 

19(1), 1.; https://doi.org/10.1037/h0044160 

2. Flavell, J. (1979). Metacognition and Cognitive Monitoring, American 

Psychologist, Vol. 34, No. 10, 906-911 https://doi.org/10.1037//0003-

066X.34.10.906 

3. Bamicha, V. & Drigas, A. (2023). Theory of Mind in relation to Metacognition 

and ICTs. A metacognitive approach to ToM. Scientific Electronic Archives, 16 

(4). https://doi.org/10.36560/16420231711 

4. Frith, C. D. & Frith, U. (2012). Mechanisms of social cognition. Annual review of 

psychology, 63(1), 287-313. https://doi.org/10.1146/annurev-psych-120710-

100449 

5. Lee, S.B., Koo, S.J., Song, Y.Y., Lee, M.K., Jeong, Y.J., Kwon, C., Park, K.R., 

Park, J.Y., Kang, J.I., Lee, E. & An, S.K. (2013) Theory of mind as a mediator of 

reasoning and facial emotion recognition: findings from 200 healthy 

people. Psychiatry Investigation, 11(2), p.105. 

https://doi.org/10.4306/pi.2014.11.2.105 

6. Folz, J., Akdağ, R., Nikolić, M., van Steenbergen, H. & Kret, M. E. (2023). Facial 

mimicry and metacognitive judgments in emotion recognition are distinctly 

modulated by social anxiety and autistic traits. Scientific Reports, 13(1), 9730. 

https://doi.org/10.1038/s41598-023-35773-6 

7. Schiano Lomoriello, A., Meconi, F., Rinaldi, I. & Sessa, P. (2018). Out of sight 

out of mind: Perceived physical distance between the observer and someone in 

DOI:10.14753/SE.2025.3266



 40 

pain shapes observer’s neural empathic reactions. Frontiers in psychology, 9, 

1824. https://doi.org/10.3389/fpsyg.2018.01824 

8. Alter, A. L. & Oppenheimer, D. M. (2009). Uniting the tribes of fluency to form 

a metacognitive nation. Personality and social psychology review, 13(3), 219-

235. https://doi.org/10.1177/1088868309341564 

9. Koriat, A. (2012). The self-consistency model of subjective 

confidence. Psychological review, 119(1), 80. https://doi.org/10.1037/a0025648 

10. Wokke, M. E., Cleeremans, A. & Ridderinkhof, K. R. (2017). Sure I'm sure: 

prefrontal oscillations support metacognitive monitoring of decision 

making. Journal of Neuroscience, 37(4), 781-789. 

https://doi.org/10.1523/JNEUROSCI.1612-16.2016 

11. De Martino, B., Fleming, S. M., Garrett, N. & Dolan, R. J. (2013). Confidence in 

value-based choice. Nature neuroscience, 16(1), 105-110. 

https://doi.org/10.1038/nn.3279 

12. Whittlesea, B. W. & Williams, L. D. (2001). The discrepancy-attribution 

hypothesis: I. The heuristic basis of feelings and familiarity. Journal of 

Experimental Psychology: Learning, Memory, and Cognition, 27(1), 3. 

https://doi.org/10.1037//0278-7393.27.1.3 

13. Kabat-Zinn, J. (2015). Mindfulness. Mindfulness, 6(6), 1481-

1483.; https://doi.org/10.1007/s12671-015-0456-x 

14. Sebanz, N., Bekkering, H. & Knoblich, G. (2006). Joint action: bodies and minds 

moving together. Trends in cognitive sciences, 10(2), 70-76. 

https://doi.org/10.1016/j.tics.2005.12.009; PMid:16406326 

DOI:10.14753/SE.2025.3266



 41 

15. Kasek, R., Fejes E., Bogdányi, R., Gergely, B., Takács, S. & Lázár, I. (2025) 

Metacognitive abilities and the Dunning-Kruger effect in basic cognition. BMC 

Psychology (in review) 

16. Kasek, R., Fejes E., Bogdányi, R., Gergely, B., Takács, S. & Lázár, I. (2025) 

Intergenerational and sex differences in metacognitive effectiveness during 

COVID-19. BMC Psychology (in review) 

17. Kasek, R., Sepsi, E. & Lázár, I. (2025). Overconfident, but angry at least. AI-

Based investigation of facial emotional expressions and self-assessment bias in 

human adults. BMC psychology, 13(1), 1-9.; https://doi.org/10.1186/s40359-025-

02590-7; PMid:40065465 PMCid:PMC11895137 

18. Kruger, J. & Dunning, D. (1999). Unskilled and unaware of it: how difficulties in 

recognizing one's own incompetence lead to inflated self-assessments. Journal of 

personality and social psychology, 77(6), 1121. https://doi.org/10.1037/0022-

3514.77.6.1121 PMid:10626367 

19. Krueger, J. & Mueller, R. A. (2002). Unskilled, unaware, or both? The better-

than-average heuristic and statistical regression predict errors in estimates of own 

performance. Journal of personality and social psychology, 82(2), 180. 

https://doi.org/10.1037/0022-3514.82.2.180 PMid:11831408 

20. Kruger, J. & Dunning, D. (2002). Unskilled and unaware--but why? A reply to 

Krueger and Mueller (2002). https://doi.org/10.1037//0022-3514.82.2.189-192 

PMid:11831409 

21. Krajc, M. & Ortmann, A. (2008). Are the unskilled really that unaware? An 

alternative explanation. Journal of Economic Psychology, 29(5), 724-738. 

https://doi.org/10.1016/j.joep.2007.12.006 

DOI:10.14753/SE.2025.3266



 42 

22. Gignac, G. E. & Zajenkowski, M. (2020). The Dunning-Kruger effect is (mostly) 

a statistical artefact: Valid approaches to testing the hypothesis with individual 

differences data. Intelligence, 80, 101449. 

https://doi.org/10.1016/j.intell.2020.101449 

23. Magnus, J. R. & Peresetsky, A. A. (2022). A statistical explanation of the 

Dunning–Kruger effect. Frontiers in psychology, 13, 840180. 

https://doi.org/10.3389/fpsyg.2022.840180 PMid:35401341 

PMCid:PMC8992690 

24. Burson, K. A., Larrick, R. P. & Klayman, J. (2006). Skilled or unskilled, but still 

unaware of it: how perceptions of difficulty drive miscalibration in relative 

comparisons. Journal of personality and social psychology, 90(1), 60–77. 

https://doi.org/10.1037/0022-3514.90.1.60 https://doi.org/10.1037/0022-

3514.90.1.60 PMid:16448310 

25. Zell, E. & Krizan, Z. (2014). Do people have insight into their abilities? A 

metasynthesis. Perspectives on Psychological Science, 9(2), 111-125. 

https://doi.org/10.1177/1745691613518075 PMid:26173249 

26. Jansen, R. A., Rafferty, A. N. & Griffiths, T. L. (2021). A rational model of the 

Dunning–Kruger effect supports insensitivity to evidence in low 

performers. Nature Human Behaviour, 5(6), 756-763. 

https://doi.org/10.1038/s41562-021-01057-0 PMid:33633375 

27. Dunning, D., Heath, C. & Suls, J. M. (2004). Flawed self-assessment: Implications 

for health, education, and the workplace. Psychological science in the public 

interest, 5(3), 69-106. https://doi.org/10.1111/j.1529-1006.2004.00018.x 

PMid:26158995 

DOI:10.14753/SE.2025.3266



 43 

28. Ehrlinger, J., Johnson, K., Banner, M., Dunning, D. & Kruger, J. (2008). Why the 

unskilled are unaware: Further explorations of (absent) self-insight among the 

incompetent. Organizational behavior and human decision processes, 105(1), 98-

121. https://doi.org/10.1016/j.obhdp.2007.05.002 PMid:19568317 

PMCid:PMC2702783 

29. McIntosh, R. D., Fowler, E. A., Lyu, T. & Della Sala, S. (2019). Wise up: 

Clarifying the role of metacognition in the Dunning-Kruger effect. Journal of 

Experimental Psychology: General, 148(11), 1882. 

https://doi.org/10.1037/xge0000579 PMid:30802096 

30. Gaeta, T.J., Reisdorff, E., Barton, M., Feldhaus, K.M., Gausche‐Hill, M., Goyal, 

D., Joldersma, K., Kraus, C.K. & Ankel, F. (2024). The Dunning‒Kruger effect 

in resident predicted and actual performance on the American Board of 

Emergency Medicine in‐training examination. JACEP Open, 5(5), p.e13305. 

https://doi.org/10.1002/emp2.13305 PMid:39463809 PMCid:PMC11502208 

31. Lyons, B. A., Montgomery, J. M., Guess, A. M., Nyhan, B. & Reifler, J. (2021). 

Overconfidence in news judgments is associated with false news 

susceptibility. Proceedings of the National Academy of Sciences, 118(23), 

e2019527118. https://doi.org/10.1073/pnas.2019527118 PMid:34074757 

PMCid:PMC8201962 

32. Carruthers, P. & Williams, D. M. (2022). Model-free 

metacognition. Cognition, 225, 105117. 

https://doi.org/10.1016/j.cognition.2022.105117 PMid:35398676 

DOI:10.14753/SE.2025.3266



 44 

33. Nelson, T.O. & Narens, L. (1990). Metamemory: A theoretical framework and 

some new findings. In G. H. Bower (Ed.), The psychology of learning and 

motivation (Vol. 26, pp. 125–173). San Diego, CA: Academic Press.  

34. Hertzog, C. & Dunlosky, J. (2011). Metacognition in later adulthood: Spared 

monitoring can benefit older adults' self-regulation. Current directions in 

psychological science, 20(3), 167-173. 

35. Proust, J. (2007). Metacognition and metarepresentation: is a self-directed theory 

of mind a precondition for metacognition?. Synthese, 159(2), 271-295. 

https://doi.org/10.1007/s11229-007-9208-3 

36. Kuhn, D. (2014). Theory of mind, metacognition, and reasoning: A life-span 

perspective. In Children's reasoning and the mind (pp. 301-326). Psychology 

Press. 

37. Heyes, C. (2018). Empathy is not in our genes. Neuroscience & Biobehavioral 

Reviews, 95, 499-507. https://doi.org/10.1016/j.neubiorev.2018.11.001 

PMid:30399356 

38. Zimmerman, B. J. & Moylan, A. R. (2009). Self-regulation: Where metacognition 

and motivation intersect. In Handbook of metacognition in education (pp. 299-

315). Routledge. 

39. Jiang, Y. & Kleitman, S. (2015). Metacognition and motivation: Links between 

confidence, self-protection and self-enhancement. Learning and Individual 

Differences, 37, 222-230. https://doi.org/10.1016/j.lindif.2014.11.025 

40. Frith, C. D. (2012). The role of metacognition in human social interactions. 

Philosophical Transactions of the Royal Society B: Biological Sciences, 

DOI:10.14753/SE.2025.3266



 45 

367(1599), 2213-2223. https://doi.org/10.1098/rstb.2012.0123 PMid:22734064 

PMCid:PMC3385688 

41. Fleming, S. M. & Dolan, R. J. (2012). The neural basis of metacognitive 

ability. Philosophical Transactions of the Royal Society B: Biological 

Sciences, 367(1594), 1338-1349. https://doi.org/10.1098/rstb.2011.0417 

PMid:22492751 PMCid:PMC3318765 

42. Roebers, C. M. (2017). Executive function and metacognition: Towards a unifying 

framework of cognitive self-regulation. Developmental review, 45, 31-51. 

https://doi.org/10.1016/j.dr.2017.04.001 

43. Konstantakopoulos, G. (2019). Insight across mental disorders: A multifaceted 

metacognitive phenomenon. Psychiatrike= Psychiatriki, 30(1), 13-16. 

https://doi.org/10.22365/jpsych.2019.301.13 PMid:31115349 

44. Saccenti, D., Moro, A. S., Sassaroli, S., Malgaroli, A., Ferro, M. & Lamanna, J. 

(2024). Neural correlates of metacognition: Disentangling the brain circuits 

underlying prospective and retrospective second‐order judgments through 

noninvasive brain stimulation. Journal of Neuroscience Research, 102(4), e25330. 

https://doi.org/10.1002/jnr.25330 PMid:38622870 

45. Filevich, E., Dresler, M., Brick, T. R. & Kühn, S. (2015). Metacognitive 

mechanisms underlying lucid dreaming. Journal of Neuroscience, 35(3), 1082-

1088. 

46. Sun, X., Zhu, C. & Therefore, S. H. W. (2017). Dysfunctional metacognition 

across psychopathologies: A meta-analytic review. European Psychiatry, 45, 139-

153. https://doi.org/10.1016/j.eurpsy.2017.05.029 PMid:28763680 

DOI:10.14753/SE.2025.3266



 46 

47. Pieh, C., Budimir, S., Delgadillo, J., Barkham, M., Fontaine, J. R. & Probst, T. 

(2021). Mental health during COVID-19 lockdown in the United Kingdom. 

Psychosomatic medicine, 83(4), 328-337. 

https://doi.org/10.1097/PSY.0000000000000871 PMid:33009276 

48. Ganesan, B., Al-Jumaily, A., Fong, K.N., Prasad, P., Meena, S.K. and Tong, 

R.K.Y. (2021). Impact of coronavirus disease 2019 (COVID-19) outbreak 

quarantine, isolation, and lockdown policies on mental health and suicide. 

Frontiers in psychiatry, 12, p.565190. https://doi.org/10.3389/fpsyt.2021.565190 

PMid:33935817 PMCid:PMC8085354 

49. Ferwana, I. & Varshney, L. R. (2024). The impact of COVID-19 lockdowns on 

mental health patient populations in the United States. Scientific reports, 14(1), 

5689. https://doi.org/10.1038/s41598-024-55879-9 PMid:38454064 

PMCid:PMC10920688 

50. Bintabara, D., Singo, J. B., Mvula, M., Jofrey, S. & Shayo, F. K. (2024). Mental 

health disorders among medical students during the COVID-19 pandemic in the 

area with no mandatory lockdown: a multicenter survey in Tanzania. Scientific 

Reports, 14(1), 3451. https://doi.org/10.1038/s41598-024-53885-5 

PMid:38342933 PMCid:PMC10859363 

51. Elbejjani, M., Mansour, S., Hammoud, R.A., Ziade, C., Assi, B., Assi, A., El 

Sayed, S., El Hachem, R. and Kerbage, H. (2024). Mental health during the 

COVID-19 pandemic and first lockdown in Lebanon: Risk factors and daily life 

difficulties in a multiple-crises setting. Plos one, 19(2), p.e0297670. 

https://doi.org/10.1371/journal.pone.0297670 PMid:38363748 

PMCid:PMC10871500 

DOI:10.14753/SE.2025.3266



 47 

52. Veronese, G., Cavazzoni, F. & Pepe, A. (2024). Trajectories of quality of life and 

mental health during the COVID-19 lockdown and six months after in Italy. A 

longitudinal exploration. Journal of Public Health, 32(8), 1419-1429. 

https://doi.org/10.1007/s10389-023-01913-5 PMid:37361293 

PMCid:PMC10154179 

53. Zhu, Y., Yu, Y., Wang, Y., Womer, F., Qin, X., Zhou, K., Zhu, R., Du, W., Yang, 

J., Su, K.P. and Wang, F. (2024). Unmasking the mental health scars of COVID-

19: A longitudinal investigation of children and adolescents in postlockdown 

China. Brain, Behavior, and Immunity, 119, pp.275-285. 

https://doi.org/10.1016/j.bbi.2024.04.003 PMid:38599498 

54. Park, S. C. & Park, Y. C. (2020). Mental health care measures in response to the 

2019 novel coronavirus outbreak in Korea. Psychiatry investigation, 17(2), 85. 

https://doi.org/10.30773/pi.2020.0058 PMid:32093458 PMCid:PMC7047003 

55. Jung, S. J. & Jun, J. Y. (2020). Mental health and psychological intervention amid 

COVID-19 outbreak: perspectives from South Korea. Yonsei Medical Journal, 

61(4), 271-272. https://doi.org/10.3349/ymj.2020.61.4.271 PMid:32233168 

PMCid:PMC7105405 

56. Alves, M. R. P., Pereira, V. M., Machado, S. & Nardi, A. E. (2013). Cognitive 

functions in patients with panic disorder: a literature review. Brazilian Journal of 

Psychiatry, 35, 193-200. https://doi.org/10.1590/1516-4446-2012-1000 

PMid:23904027 

57. Peterman, J.S., Marshall, D.F., Lamping, E., Easter, R.E., Babu, P., Langenecker, 

S.A., McInnis, M.G. & Ryan, K.A. (2020). Decreased working memory capacity 

among individuals with a mood disorder who have increased metabolic burden. 

DOI:10.14753/SE.2025.3266



 48 

Journal of Affective Disorders, 266, pp.387-393. 

https://doi.org/10.1016/j.jad.2020.01.073 PMid:32056904 

58. Eysenck, M., Payne, S. & Derakshan, N. (2005). Trait anxiety, visuospatial 

processing, and working memory. Cognition & Emotion, 19(8), 1214-1228. 

https://doi.org/10.1080/02699930500260245 

59. Eysenck, M. W., Derakshan, N., Santos, R. & Calvo, M. G. (2007). Anxiety and 

cognitive performance: attentional control theory. Emotion, 7(2), 336. 

https://doi.org/10.1037/1528-3542.7.2.336 PMid:17516812 

60. Lavigne-Cerván, R., Costa-López, B., Juárez-Ruiz de Mier, R., Real-Fernández, 

M., Sánchez-Muñoz de León, M. & Navarro-Soria, I. (2021). Consequences of 

COVID-19 confinement on anxiety, sleep and executive functions of children and 

adolescents in Spain. Frontiers in psychology, 12, 565516. 

https://doi.org/10.3389/fpsyg.2021.565516 PMid:33664690 

PMCid:PMC7921483 

61. Jász, A., Biró, L., Buday, Z., Király, B., Szalárdy, O., Horváth, K., Komlósi, G., 

Bódizs, R., Kovács, K.J., Diana, M.A., Hangya, B. & Acsády L. (2025). 

Persistently increased poststress activity of paraventricular thalamic neurons is 

essential for the emergence of stress-induced alterations in behaviour. PLoS 

biology, 23(1), p.e3002962. https://doi.org/10.1371/journal.pbio.3002962 

PMid:39836670 PMCid:PMC11750107 

62. Lelisho, M.E., Pandey, D., Alemu, B.D., Pandey, B.K. & Tareke, S.A. (2023). 

The negative impact of social media during COVID-19 pandemic. Trends in 

Psychology, 31(1), pp.123-142. https://doi.org/10.1007/s43076-022-00192-5 

PMCid:PMC9110023 

DOI:10.14753/SE.2025.3266



 49 

63. Riehm, K.E., Holingue, C., Kalb, L.G., Bennett, D., Kapteyn, A., Jiang, Q., 

Veldhuis, C.B., Johnson, R.M., Fallin, M.D., Kreuter, F. & Stuart, E.A. (2020). 

Associations between media exposure and mental distress among US adults at the 

beginning of the COVID-19 pandemic. American journal of preventive medicine, 

59(5), pp.630-638. https://doi.org/10.1016/j.amepre.2020.06.008 PMid:33011008 

PMCid:PMC7351429 

64. Dobson-Lohman, E. & Potcovaru, A. M. (2020). Fake news content shaping the 

COVID-19 pandemic fear: Virus anxiety, emotional contagion, and responsible 

media reporting. Analysis and Metaphysics, 19, 94-100. 

https://doi.org/10.22381/AM19202011 

65. Lyons, B. A., Montgomery, J. M., Guess, A. M., Nyhan, B. & Reifler, J. (2021). 

Overconfidence in news judgments is associated with false news susceptibility. 

Proceedings of the National Academy of Sciences, 118(23), e2019527118. 

https://doi.org/10.1073/pnas.2019527118 PMid:34074757 PMCid:PMC8201962 

66. Neill, R.D., Blair, C., Best, P., McGlinchey, E. and Armour, C., 2021. Media 

consumption and mental health during COVID-19 lockdown: a UK cross-

sectional study across England, Wales, Scotland and Northern Ireland. Journal of 

Public Health, pp.1-9. https://doi.org/10.31234/osf.io/5d9fc 

67. Fiorenzato, E., Zabberoni, S., Costa, A. and Cona, G., 2021. Cognitive and mental 

health changes and their vulnerability factors related to COVID-19 lockdown in 

Italy. PloS one, 16(1), p.e0246204. https://doi.org/10.1371/journal.pone.0246204 

PMid:33503055 PMCid:PMC7840042 

68. Zacher, H. & Rudolph, C.W. (2021). Individual differences and changes in 

subjective wellbeing during the early stages of the COVID-19 pandemic. 

DOI:10.14753/SE.2025.3266



 50 

American Psychologist, 76(1), p.50. https://doi.org/10.1037/amp0000702 

PMid:32700938 

69. Bernabe-Valero, G., Melero-Fuentes, D., De Lima Argimon, I.I. & Gerbino, M. 

(2021). Individual differences facing the COVID-19 pandemic: the role of age, 

gender, personality, and positive psychology. Frontiers in psychology, 12, 

p.644286. https://doi.org/10.3389/fpsyg.2021.644286 PMid:33815230 

PMCid:PMC8012731 

70. Morina, N., Kip, A., Hoppen, T. H., Priebe, S. & Meyer, T. (2021). Potential 

impact of physical distancing on physical and mental health: a rapid narrative 

umbrella review of meta-analyses on the link between social connection and 

health. BMJ open, 11(3), e042335. https://doi.org/10.1136/bmjopen-2020-042335 

PMid:33737424 PMCid:PMC7978290 

71. Das Gupta, D. & Wong, D. W. (2020). No more "social distancing" but practice 

physical separation. Canadian Journal of Public Health, 111(4), 488-489. 

https://doi.org/10.17269/s41997-020-00370-x PMid:32602042 

PMCid:PMC7323603 

72. Aminnejad, R. & Alikhani, R. (2020). Physical distancing or social distancing: 

that is the question. Canadian Journal of Anaesthesia/Journal canadien 

d'anesthésie, 67, 1457-1458. https://doi.org/10.1007/s12630-020-01697-2 

PMid:32394341 PMCid:PMC7213540 

73. Bzdok, D. & Dunbar, R. I. (2022). Social isolation and the brain in the pandemic 

era. Nature human behaviour, 6(10), 1333-1343. https://doi.org/10.1038/s41562-

022-01453-0 PMid:36258130 

DOI:10.14753/SE.2025.3266



 51 

74. Bzdok, D. & Dunbar, R. I. (2020). The neurobiology of social distance. Trends in 

cognitive sciences, 24(9), 717-733. https://doi.org/10.1016/j.tics.2020.05.016 

PMid:32561254 PMCid:PMC7266757 

75. Xydakis, M.S., Albers, M.W., Holbrook, E.H., Lyon, D.M., Shih, R.Y., Frasnelli, 

J.A., Pagenstecher, A., Kupke, A., Enquist, L.W. & Perlman, S. (2021). Postviral 

effects of COVID-19 in the olfactory system and their implications. The Lancet 

Neurology, 20(9), pp.753-761. https://doi.org/10.1016/S1474-4422(21)00182-4 

PMid:34339626 

76. Ghannam, M., Alshaer, Q., Al-Chalabi, M., Zakarna, L., Robertson, J. & 

Manousakis, G. (2020). Neurological involvement of coronavirus disease 2019: a 

systematic review. Journal of neurology, 267, pp.3135-3153. 

https://doi.org/10.1007/s00415-020-09990-2 PMid:32561990 

PMCid:PMC7304377 

77. Maliha, S.T., Fatemi, R. & Araf, Y. (2024). COVID-19 and the brain: 

understanding the pathogenesis and consequences of neurological damage. 

Molecular Biology Reports, 51(1), p.318. https://doi.org/10.1007/s11033-024-

09279-x PMid:38386201 

78. Petersson, I., Hansen, B.M., Svenningsson, A. & Lundstrom, A. (2022). Cerebral 

microvascular injuries in severe COVID-19 infection: progression of white matter 

hyperintensities postinfection. BMJ Case Reports CP, 15(9), p.e249156. 

https://doi.org/10.1136/bcr-2022-249156 PMid:36100286 PMCid:PMC9472107 

79. Xu, J. & Lazartigues, E. (2022). Expression of ACE2 in human neurons supports 

the neuro-invasive potential of COVID-19 virus. Cellular and Molecular 

DOI:10.14753/SE.2025.3266



 52 

Neurobiology, 42(1), pp.305-309. https://doi.org/10.1007/s10571-020-00915-1 

PMid:32623546 PMCid:PMC7334623 

80. Douaud, G., Lee, S., Alfaro-Almagro, F., Arthofer, C., Wang, C., McCarthy, P., 

Lange, F., Andersson, J.L., Griffanti, L., Duff, E. & Jbabdi, S. (2022). SARS-

CoV-2 is associated with changes in brain structure in UK Biobank. Nature, 

604(7907), pp.697-707. https://doi.org/10.1038/s41586-022-04569-5 

PMid:35255491 PMCid:PMC9046077 

81. Mohammadi, S. & Ghaderi, S. (2024). Post-COVID-19 conditions: a systematic 

review on advanced magnetic resonance neuroimaging findings. Neurological 

Sciences, 45(5), 1815-1833. https://doi.org/10.1007/s10072-024-07427-6 

PMid:38421524 

82. Rogers, J.P., Chesney, E., Oliver, D., Pollak, T.A., McGuire, P., Fusar-Poli, P., 

Zandi, M.S., Lewis, G. & David, A.S. (2020). Psychiatric and neuropsychiatric 

presentations associated with severe coronavirus infections: a systematic review 

and meta-analysis with comparison to the COVID-19 pandemic. The Lancet 

Psychiatry, 7(7), pp.611-627. https://doi.org/10.1016/S2215-0366(20)30203-0 

83. Trender, W., Hellyer, P.J., Killingley, B., Kalinova, M., Mann, A.J., Catchpole, 

A.P., Menon, D., Needham, E., Thwaites, R., Chiu, C. & Scott, G. (2024). 

Changes in memory and cognition during the SARS-CoV-2 human challenge 

study. EClinicalMedicine, 76. https://doi.org/10.1016/j.eclinm.2024.102842 

PMid:39364271 PMCid:PMC11447363 

84. Åberg, M.A., Pedersen, N.L., Torén, K., Svartengren, M., Bäckstrand, B., 

Johnsson, T., Cooper-Kuhn, C.M., Åberg, N.D., Nilsson, M. & Kuhn, H.G. 

(2009). Cardiovascular fitness is associated with cognition in young adulthood. 

DOI:10.14753/SE.2025.3266



 53 

Proceedings of the National Academy of Sciences, 106(49), pp.20906-20911. 

https://doi.org/10.1073/pnas.0905307106 PMid:19948959 PMCid:PMC2785721 

85. Russ, T.C., Kivimäki, M. & Batty, G.D. (2020). Respiratory disease and lower 

pulmonary function as risk factors for dementia: a systematic review with meta-

analysis. Chest, 157(6), pp.1538-1558. 

https://doi.org/10.1016/j.chest.2019.12.012 PMid:31952950 

86. Güell, R., Resqueti, V., Sangenis, M., Morante, F., Martorell, B., Casan, P. & 

Guyatt, G.H. (2006). Impact of pulmonary rehabilitation on psychosocial 

morbidity in patients with severe COPD. Chest, 129(4), pp.899-904. 

https://doi.org/10.1378/chest.129.4.899 PMid:16608936 

87. Buican, I.L., Gheorman, V., Udriştoiu, I., Olteanu, M., Rădulescu, D., 

Calafeteanu, D.M., Nemeş, A.F., Călăraşu, C., Rădulescu, P.M. & Streba, C.T. 

(2024). Interactions between Cognitive, Affective, and Respiratory Profiles in 

Chronic Respiratory Disorders: A Cluster Analysis Approach. Diagnostics, 

14(11), p.1153. https://doi.org/10.3390/diagnostics14111153 PMid:38893678 

PMCid:PMC11171769 

88. Hanson, S.W., Abbafati, C., Aerts, J.G., Al-Aly, Z., Ashbaugh, C., Ballouz, T., 

Blyuss, O., Bobkova, P., Bonsel, G., Borzakova, S. & Buonsenso, D. (2022). 

Estimated global proportions of individuals with persistent fatigue, cognitive, and 

respiratory symptom clusters following symptomatic COVID-19 in 2020 and 

2021. Jama, 328(16), pp.1604-1615. https://doi.org/10.1001/jama.2022.18931 

PMid:36215063 PMCid:PMC9552043 

89. Ceban, F., Ling, S., Lui, L.M., Lee, Y., Gill, H., Teopiz, K.M., Rodrigues, N.B., 

Subramaniapillai, M., Di Vincenzo, J.D., Cao, B. & Lin, K. (2022). Fatigue and 

DOI:10.14753/SE.2025.3266



 54 

cognitive impairment in Post-COVID-19 Syndrome: A systematic review and 

meta-analysis. Brain, behavior, and immunity, 101, pp.93-135. 

https://doi.org/10.1016/j.bbi.2021.12.020 PMid:34973396 PMCid:PMC8715665 

90. Weng, L.M., Su, X. & Wang, X.Q. (2021). Pain symptoms in patients with 

coronavirus disease (COVID-19): a literature review. Journal of Pain Research, 

pp.147-159. https://doi.org/10.2147/JPR.S269206 PMid:33531833 

PMCid:PMC7847371 

91. Krishnan, K., Lin, Y., Prewitt, K.R.M. & Potter, D.A. (2022). Multidisciplinary 

approach to brain fog and related persisting symptoms post COVID-19. Journal 

of health service psychology, 48(1), pp.31-38. https://doi.org/10.1007/s42843-

022-00056-7 PMid:35128461 PMCid:PMC8809226 

92. Moura, A.E.F., Oliveira, D.N., Torres, D.M., Tavares-Júnior, J.W.L., Nóbrega, 

P.R., Braga-Neto, P. & Sobreira-Neto, M.A. (2022). Central hypersomnia and 

chronic insomnia: expanding the spectrum of sleep disorders in long COVID 

syndrome-a prospective cohort study. BMC neurology, 22(1), p.417. 

https://doi.org/10.1186/s12883-022-02940-7 PMid:36352367 

PMCid:PMC9643986 

93. Salehinejad, M.A., Azarkolah, A., Ghanavati, E. & Nitsche, M.A. (2022). 

Circadian disturbances, sleep difficulties and the COVID-19 pandemic. Sleep 

medicine, 91, pp.246-252. https://doi.org/10.1016/j.sleep.2021.07.011 

PMid:34334305 PMCid:PMC8277544 

94. Scholkmann, F. & May, C.A. (2023). COVID-19, postacute COVID-19 syndrome 

(PACS,"long COVID") and post-COVID-19 vaccination syndrome (PCVS,"post-

COVIDvac-syndrome"): Similarities and differences. Pathology-Research and 

DOI:10.14753/SE.2025.3266



 55 

Practice, 246, p.154497. https://doi.org/10.1016/j.prp.2023.154497 

PMid:37192595 PMCid:PMC10154064 

95. Betthäuser, B.A., Bach-Mortensen, A.M. & Engzell, P. (2023). A systematic 

review and meta-analysis of the evidence on learning during the COVID-19 

pandemic. Nature human behaviour, 7(3), pp.375-385. 

https://doi.org/10.1038/s41562-022-01506-4 PMid:36717609 

96. Tavares-Júnior, J.W., de Souza, A.C., Borges, J.W., Oliveira, D.N., Siqueira-

Neto, J.I., Sobreira-Neto, M.A. & Braga-Neto, P. (2022). COVID-19 associated 

cognitive impairment: A systematic review. Cortex, 152, pp.77-97. 

https://doi.org/10.1016/j.cortex.2022.04.006 PMid:35537236 

PMCid:PMC9014565 

97. Delgado-Alonso, C., Valles-Salgado, M., Delgado-Álvarez, A., Yus, M., Gómez-

Ruiz, N., Jorquera, M., Polidura, C., Gil, M.J., Marcos, A., Matías-Guiu, J. & 

Matías-Guiu, J.A. (2022). Cognitive dysfunction associated with COVID-19: A 

comprehensive neuropsychological study. Journal of Psychiatric Research, 150, 

pp.40-46. https://doi.org/10.1016/j.jpsychires.2022.03.033 PMid:35349797 

PMCid:PMC8943429 

98. Robinson, E., Sutin, A.R., Daly, M. & Jones, A. (2022). A systematic review and 

meta-analysis of longitudinal cohort studies comparing mental health before 

versus during the COVID-19 pandemic in 2020. Journal of affective disorders, 

296, pp.567-576. https://doi.org/10.1016/j.jad.2021.09.098 PMid:34600966 

PMCid:PMC8578001 

99. Stracciari, A., Bottini, G., Guarino, M., Magni, E., Pantoni, L. & "Cognitive and 

Behavioral Neurology" Study Group of the Italian Neurological Society (2021). 

DOI:10.14753/SE.2025.3266



 56 

Cognitive and behavioral manifestations in SARS-CoV-2 infection: not specific 

or distinctive features?. Neurological Sciences, 42, pp.2273-2281. 

https://doi.org/10.1007/s10072-021-05231-0 PMid:33846880 

PMCid:PMC8040761 

100. Frith, C. D., (2012). The role of metacognition in human social interactions. 

Philosophical Transactions of the Royal Society B: Biological Sciences, 

367(1599), 2213-2223. https://doi.org/10.1098/rstb.2012.0123, PMid:22734064, 

PMCid:PMC3385688 

101. Barrett, L.F., Mesquita, B. & Gendron, M., (2011). Context in emotion perception. 

Current Directions in Psychological Science, 20(5), pp.286-290. 

https://doi.org/10.1177/0963721411422522 

102. Russell, J. A., Bachorowski, J. A. & Fernández-Dols, J. M. (2003). Facial and 

vocal expressions of emotion. Annual review of psychology, 54(1), 329-349. 

https://doi.org/10.1146/annurev.psych.54.101601.145102, PMid:12415074 

103. Phillips, M. L., Drevets, W. C., Rauch, S. L. & Lane, R. (2003). Neurobiology of 

emotion perception I: The neural basis of normal emotion perception. Biological 

psychiatry, 54(5), 504-514. https://doi.org/10.1016/S0006-3223(03)00168-9, 

PMid:12946879 

104. Ekman, P. & Rosenberg, E. L. (2005). What the face reveals: Basic and applied 

studies of spontaneous expression using the Facial Action Coding System 

(FACS). Oxford University Press, USA. 2nd Edition. 

https://doi.org/10.1093/acprof:oso/9780195179644.001.0001 

DOI:10.14753/SE.2025.3266



 57 

105. Aviezer, H., Ensenberg, N. & Hassin, R. R. (2017). The inherently contextualized 

nature of facial emotion perception. Current opinion in psychology, 17, 47-54. 

https://doi.org/10.1016/j.copsyc.2017.06.006, PMid:28950972 

106. Calder, A. J., Lawrence, A. D. & Young, A. W. (2001). Neuropsychology of fear 

and loathing. Nature reviews neuroscience, 2(5), 352-363. 

https://doi.org/10.1038/35072584, PMid:11331919 

107. Ekman, P. & Friesen, W.V., (1971). Constants across cultures in the face and 

emotion. Journal of personality and social psychology, 17(2), p.124. 

https://doi.org/10.1037/h0030377, PMid:5542557 

108. Ekman, P., (1971). Universals and cultural differences in facial expressions of 

emotion. In Nebraska symposium on motivation. University of Nebraska Press. 

109. Heaven, D. (2020). Why faces don't always tell the truth about feelings. Nature, 

578(7796), 502-505. https://doi.org/10.1038/d41586-020-00507-5, 

PMid:32103200 

110. Cowen, A., Sauter, D., Tracy, J. L. & Keltner, D. (2019). Mapping the passions: 

Toward a high-dimensional taxonomy of emotional experience and expression. 

Psychological Science in the Public Interest, 20(1), 69-90. 

https://doi.org/10.1177/1529100619850176, PMid:31313637, 

PMCid:PMC6675572 

111. Barrett, L.F., Gross, J., Christensen, T.C. & Benvenuto, M., (2001). Knowing 

what you're feeling and knowing what to do about it: Mapping the relation 

between emotion differentiation and emotion regulation. Cognition & Emotion, 

15(6), pp.713-724. https://doi.org/10.1080/02699930143000239 

DOI:10.14753/SE.2025.3266



 58 

112. Lindquist, K.A., Wager, T.D., Kober, H., Bliss-Moreau, E. & Barrett, L.F., 

(2012). The brain basis of emotion: a me-ta-analytic review. The Behavioral and 

brain sciences, 35(3), p.121. https://doi.org/10.1017/S0140525X11000446, 

PMid:22617651, PMCid:PMC4329228 

113. Russell, J. A. (2003). Core affect and the psychological construction of emotion. 

Psychological review, 110(1), 145. https://doi.org/10.1037/0033-

295X.110.1.145, PMid:12529060 

114. Hadinejad, A., Moyle, B. D., Scott, N. & Kralj, A. (2019). Emotional responses 

to tourism advertisements: the application of FaceReader™. Tourism Recreation 

Research, 44(1), 131-135. https://doi.org/10.1080/02508281.2018.1505228 

115. da Costa Lima Peixoto, M. M., Gonçalves, C. A. & da Silva, E. C. (2024). 

Proposition of the ISIE framework and the applicability of FaceReader to measure 

emotions in marketing research on sustainable consumption. REMark: Revista 

Brasileira de Marketing, 23(1). 

116. Martinez, A. & Du, S. (2012). A model of the perception of facial expressions of 

emotion by humans: research overview and perspectives. Journal of Machine 

Learning Research, 13(5). 

117. Landmann, E. (2023). I can see how you feel—Methodological considerations and 

handling of Noldus's FaceReader software for emotion measurement. 

Technological Forecasting and Social Change, 197, 122889. 

https://doi.org/10.1016/j.techfore.2023.122889 

118. Barrett, L. F. (2020). Seven and a half lessons about the brain. Picador, UK, p.13-

28. 

DOI:10.14753/SE.2025.3266



 59 

119. Lewinski, P., den Uyl, T.M. & Butler, C., (2014). Automated facial coding: 

Validation of basic emotions and FACS AUs in FaceReader. Journal of 

Neuroscience, Psychology, and Economics, 7(4), p.227. 

https://doi.org/10.1037/npe0000028 

120. Lewinski, P., 2015. Automated facial coding software outperforms people in 

recognizing neutral faces as neutral from standardized datasets. Frontiers in 

Psychology, 6, p.1386. https://doi.org/10.3389/fpsyg.2015.01386 

121. Fagot, J. & De Lillo, C., (2011). A Comparative Study of Working Memory: 

Immediate Serial Spatial Recall in Baboons (Papio Papio) And Humans, 

Neurosychologia 49, 3870-3880. 

https://doi.org/10.1016/j.neuropsychologia.2011.10.003, PMid:22015260 

122. Dunbar, R. I. (1998). The social brain hypothesis. Evolutionary Anthropology: 

Issues, News, and Reviews: Issues, News, and Reviews, 6(5), 178–

190. https://doi.org/10.1002/(SICI)1520-6505(1998)6:5%3C178::AID-

EVAN5%3E3.0.CO;2-8 

123. O’Connor, K.P. & Aardema, F., (2005). The imagination: Cognitive, pre-

cognitive, and meta-cognitive aspects. Consciousness and Cognition, 14(2), 

pp.233-256. https://doi.org/10.1016/j.concog.2004.07.005, PMid:15950880 

124. Murray, S.L., Holmes, J.G., Griffin, D.W., Bellavia, G. & Rose, P., (2001). The 

mismeasure of love: How self-doubt contaminates relationship beliefs. 

Personality and Social Psychology Bulletin, 27(4), pp.423-436. 

https://doi.org/10.1177/0146167201274004 

DOI:10.14753/SE.2025.3266



 60 

125. Ekman, P. & Friesen, W.V., (1969). Nonverbal leakage and clues to deception. 

Psychiatry, 32(1), pp.88-106. https://doi.org/10.1080/00332747.1969.11023575, 

PMid:5779090 

126. O’Sullivan, M., Ekman, P., Friesen W. & Scherer, K. (1985). What You Say And 

How You Say It: The Contribution Of Speech Quality To Judgements Of Others, 

Interpersonal Relations And Group Processes, Journal Of Personality And Social 

Psychology, Vol. 48, No. 1, 54-62. https://doi.org/10.1037//0022-3514.48.1.54, 

PMid:3981393 

127. Schmidt, K. L. & Cohn, J. F. (2001). Human facial expressions as adaptations: 

Evolutionary questions in facial expression research. American Journal of 

Physical Anthropology: The Official Publication of the American Association of 

Physical Anthropologists, 116(S33), 3-24. https://doi.org/10.1002/ajpa.20001, 

PMid:11786989, PMCid:PMC2238342 

128. Brosch, T., Scherer, K., Grandjean, D. & Sander, D. (2013). The impact of 

emotion on perception, attention, memory, and decision-making. Swiss medical 

weekly, 143(1920), w13786-w13786. https://doi.org/10.4414/smw.2013.13786, 

PMid:23740562 

129. Abramson, L., Marom, I., Petranker, R. & Aviezer, H. (2017). Is fear in your head? 

A comparison of instructed and real-life expressions of emotion in the face and 

body. Emotion, 17(3), 557. https://doi.org/10.1037/emo0000252 

130. Ekman P., (2009). Lie Catching and Microexpressions. In: Martin C, editor. The 

Philosophy of Deception. New York, USA: Oxford University Press; 2009. pp. 

118–133. https://doi.org/10.1093/acprof:oso/9780195327939.003.0008 

DOI:10.14753/SE.2025.3266



 61 

131. Hippel, W. & Trivers, R. (2011). The Evolution and Psychology of Self-

Deception, Behavioral and Brain Sciences 34, 1–56. 

https://doi.org/10.1017/S0140525X10001354, PMid:21288379 

132. Morin, A. (2005). Possible links between self-awareness and inner speech 

theoretical background, underlying mechanisms, and empirical evidence. Journal 

of Consciousness Studies, 12(4-5), 115-134. 

133. Harari, T.T.E., Sela, Y. and Bareket-Bojmel, L. (2023). Gen Z during the COVID-

19 crisis: A comparative analysis of the differences between Gen Z and Gen X in 

resilience, values and attitudes. Current Psychology, 42(28), pp.24223-24232. 

https://doi.org/10.1007/s12144-022-03501-4 PMid:35967492 

PMCid:PMC9362676 

134. Hatami, M. & Hobi, M. B. (2022). The role of metacognition, tolerance of 

ambiguity and psychological flexibility in predicting resilience. Journal of 

psychological science, 21(117), 1799-1814. 

https://doi.org/10.52547/JPS.21.117.1799 

135. Zhang, H., Lin, Z., Li, T., Kong, M., Li, J., Wu, W. & He, Z. (2023). The 

association between metacognition, coping style and fear of cancer recurrence 

among postmastectomy patients: a cross sectional study. European Journal of 

Oncology Nursing, 67, 102460. https://doi.org/10.1016/j.ejon.2023.102460 

PMid:37951072 

136. Pew Research Center (2019). Defining generations: where millennials end and 

generation Z begins, available at: https://www.pewresearch.org/fact-

tank/2019/01/17/where-millennials-end-and-generation-z-begins/ 

137. Corsi, P. M. (1972). Human memory and the medial temporal region of the brain. 

DOI:10.14753/SE.2025.3266



 62 

138. Kessels, R.P., Van Zandvoort, M.J., Postma, A., Kappelle, L.J. & De Haan, E.H. 

(2000). The Corsi block-tapping task: standardization and normative data. Applied 

neuropsychology, 7(4), pp.252-258. 

https://doi.org/10.1207/S15324826AN0704_8 PMid:11296689 

139. Farrell Pagulayan, K., Busch, R.M., Medina, K.L., Bartok, J.A. & Krikorian, R. 

(2006). Developmental normative data for the Corsi Block-tapping task. Journal 

of clinical and experimental neuropsychology, 28(6), pp.1043-1052. 

https://doi.org/10.1080/13803390500350977 PMid:16822742 

140. Inoue, S. & Matsuzawa, T. (2007). Working memory of numerals in 

chimpanzees. Current Biology, 17(23), R1004-R1005. 

https://doi.org/10.1016/j.cub.2007.10.027 PMid:18054758 

141. Kasek, R. & Albu, M., (2014). Are visual types basically visual? DuCog VI 

Language and conceptual development, Dubrovnik, Croatia, May 23 (in Program 

and abstracts, pp. 41.) 

142. Kasek, R., Takacs, S. & Konya, A., (2015). Visual expertise in immediate spatial 

localisation tasks. Cognitive Processing, 16, pp. S91. 

143. Karch, J. D. (2021). Psychologists should use Brunner-Munzel’s instead of Mann-

Whitney’s U test as the default nonpara-metric procedure. Advances in Methods 

and Practices in Psychological Science, 4(2), 2515245921999602. 

https://doi.org/10.1177/2515245921999602 

144. R Core Team (2023). R: A Language and environment for statistical computing. 

(Version 4.3) [Computer software]. Retrieved from https://cran.r-project.org. (R 

packages retrieved from CRAN snapshot 2024-01-09). 

DOI:10.14753/SE.2025.3266



 63 

145. The jamovi project (2024). jamovi. (Version 2.5) [Computer Software]. Retrieved 

from https://www.jamovi.org. 

146. Stöckli, S., Schulte-Mecklenbeck, M., Borer, S. & Samson, A.C. (2018). Facial 

expression analysis with AFFDEX and FACET: A validation study. Behavior 

research methods, 50(4), pp.1446-1460. https://doi.org/10.3758/s13428-017-

0996-1, PMid:29218587 

147. Borsos, Z., Jakab, Z., Stefanik, K., Bogdán, B. & Gyori, M. (2022). Test–retest 

reliability in automated emotional facial expression analysis: Exploring 

facereader 8.0 on data from typically developing children and children with 

autism. Applied Sciences, 12(15), 7759. https://doi.org/10.3390/app12157759 

148. Borges, N., Lindblom, L., Clarke, B., Gander, A. & Lowe, R. (2019). Classifying 

confusion: autodetection of communicative misunderstandings using facial action 

units. In 2019 8th International Conference on Affective Computing and 

Intelligent Interaction Workshops and Demos (ACIIW) (pp. 401-406). IEEE. 

https://doi.org/10.1109/ACIIW.2019.8925037; PMCid:PMC6898424 

149. Reisenzein, R. & Weber, H. (2009). Personality and emotion. The Cambridge 

handbook of personality psychology, 1, 54-71. 

https://doi.org/10.1017/CBO9780511596544.007 

150. Martínez-Tejada, L. A., Maruyama, Y., Yoshimura, N. & Koike, Y. (2020). 

Analysis of personality and EEG features in emotion recognition using machine 

learning techniques to classify arousal and valence labels. Machine Learning and 

Knowledge Extraction, 2(2), 7. https://doi.org/10.3390/make2020007 

151. Harkness, A. R., Reynolds, S. M. & Lilienfeld, S. O. (2014). A review of systems 

for psychology and psychiatry: Adaptive systems, personality psychopathology 

DOI:10.14753/SE.2025.3266



 64 

five (PSY–5), and the DSM–5. Journal of personality assessment, 96(2), 121-139. 

https://doi.org/10.1080/00223891.2013.823438, PMid:23941204 

152. Izard, C. E., Libero, D. Z., Putnam, P. & Haynes, O. M. (1993). Stability of 

emotion experiences and their relations to traits of personality. Journal of 

personality and social psychology, 64(5), 847. https://doi.org/10.1037/0022-

3514.64.5.847, PMid:8505713 

153. Kasek, R. & Lázár, I (2021) Anger inside out. Metacognitive bias primes facial 

emotional expression in human adults? Semmelweis Symposium, Budapest, Nov 

16-18 

154. Bozsányi, S., Czurkó, N., Becske, M., Kasek, R., Lázár, B. K., Boostani, M., ... & 

Lázár, I. (2023). Assessment of Frontal Hemispherical lateralization in Plaque 

Psoriasis and atopic dermatitis. Journal of Clinical Medicine, 12(13), 4194. 

https://doi.org/10.3390/jcm12134194  

155. Naglieri, J.A., Drasgow, F., Schmit, M., Handler, L., Prifitera, A., Margolis, A. & 

Velasquez, R. (2004). Psychological testing on the Internet: new problems, old 

issues. American Psychologist, 59(3), p.150. https://doi.org/10.1037/0003-

066X.59.3.150 PMid:15222858 

156. Morrissey, S., Gillings, R. & Hornberger, M. (2024). Feasibility and reliability of 

online vs in-person cognitive testing in healthy older people. Plos one, 19(8), 

p.e0309006. https://doi.org/10.1371/journal.pone.0309006 PMid:39163365 

PMCid:PMC11335153 

157. Palmer, E.C., David, A.S. & Fleming, S.M. (2014). Effects of age on 

metacognitive efficiency. Consciousness and cognition, 28, pp.151-160. 

DOI:10.14753/SE.2025.3266



 65 

https://doi.org/10.1016/j.concog.2014.06.007 PMid:25064692 

PMCid:PMC4154452 

158. Daniels, K.A., Toth, J.P. & Hertzog, C. (2009). Aging and recollection in the 

accuracy of judgments of learning. Psychology and Aging, 24(2), p.494. 

https://doi.org/10.1037/a0015269 PMid:19485665 PMCid:PMC2814054 

159. Medvedev, D., Davenport, D., Talhelm, T. & Li, Y. (2024). The motivating effect 

of monetary over psychological incentives is stronger in WEIRD cultures. Nature 

Human Behaviour, 8(3), pp.456-470. https://doi.org/10.1038/s41562-023-01769-

5 PMid:38191844 PMCid:PMC10963269 

160. Yee, D. M. & Braver, T. S. (2018). Interactions of motivation and cognitive 

control. Current opinion in behavioral sciences, 19, 83-90. 

https://doi.org/10.1016/j.cobeha.2017.11.009 PMid:30035206 

PMCid:PMC6051692 

161. Rad, M.S., Martingano, A.J. & Ginges, J. (2018). Toward a psychology of Homo 

sapiens: Making psychological science more representative of the human 

population. Proceedings of the National Academy of Sciences, 115(45), pp.11401-

11405. https://doi.org/10.1073/pnas.1721165115 PMid:30397114 

PMCid:PMC6233089 

162. Thomas, C.C. & Markus, H.R. (2023). Enculturating the science of international 

development: beyond the WEIRD independent paradigm. Journal of Cross-

Cultural Psychology, 54(2), pp.195-214. 

https://doi.org/10.1177/00220221221128211 

163. Spada, M.M., Mohiyeddini, C. & Wells, A. (2008). Measuring metacognitions 

associated with emotional distress: Factor structure and predictive validity of the 

DOI:10.14753/SE.2025.3266



 66 

metacognitions questionnaire 30. Personality and Individual differences, 45(3), 

pp.238-242. https://doi.org/10.1016/j.paid.2008.04.005 

164. Carcione, A., Riccardi, I., Bilotta, E., Leone, L., Pedone, R., Conti, L., Colle, L., 

Fiore, D., Nicolò, G., Pellecchia, G. & Procacci, M. (2019). Metacognition as a 

predictor of improvements in personality disorders. Frontiers in Psychology, 10, 

p.170. https://doi.org/10.3389/fpsyg.2019.00170 PMid:30800084 

PMCid:PMC6375846 

165. Palmer, E.C., David, A.S. & Fleming, S.M. (2014). Effects of age on 

metacognitive efficiency. Consciousness and cognition, 28, pp.151-160. 

https://doi.org/10.1016/j.concog.2014.06.007 PMid:25064692 

PMCid:PMC4154452 https://doi.org/10.1016/j.concog.2014.06.007 

PMid:25064692 PMCid:PMC4154452 

166. Csábi, E., Hallgató, E. & Volosin, M. (2023). The association between 

metamemory, subjective memory complaints, mood, and well-being: the 

Hungarian validation of Multifactorial Memory Questionnaire. Cognitive 

Research: Principles and Implications, 8(1), 15. https://doi.org/10.1186/s41235-

023-00469-y PMid:36786909 PMCid:PMC9928992 

167. Ingram, J., Maciejewski, G. & Hand, C. J. (2020). Changes in diet, sleep, and 

physical activity are associated with differences in negative mood during COVID-

19 lockdown. Frontiers in Psychology, 11, 588604. 

https://doi.org/10.3389/fpsyg.2020.588604 PMid:32982903 

PMCid:PMC7492645 

168. Llana, T., Zorzo, C., Mendez-Lopez, M. & Mendez, M. (2024). Memory 

alterations after COVID-19 infection: a systematic review. Applied 

DOI:10.14753/SE.2025.3266



 67 

Neuropsychology: Adult, 31(3), 292-305. 

https://doi.org/10.1080/23279095.2022.2123739 PMid:36108666 

169. Hampshire, A., Azor, A., Atchison, C., Trender, W., Hellyer, P.J., Giunchiglia, 

V., Husain, M., Cooke, G.S., Cooper, E., Lound, A. & Donnelly, C.A. (2024). 

Cognition and memory after Covid-19 in a large community sample. New England 

Journal of Medicine, 390(9), pp.806-818. 

https://doi.org/10.1056/NEJMoa2311330 PMid:38416429 PMCid:PMC7615803 

170. Pallier, G. (2003). Gender differences in the self-assessment of accuracy on 

cognitive tasks. Sex roles, 48, 265-276. 

https://doi.org/10.1023/A:1022877405718 

171. Torres-Guijarro, S. & Bengoechea, M. (2017). Gender differential in self-

assessment: A fact neglected in higher education peer and self-assessment 

techniques. Higher Education Research & Development, 36(5), 1072-1084. 

https://doi.org/10.1080/07294360.2016.1264372 

172. Angeles, I. T. & Perkins, R. G. (2024). Intergenerational differences on resilience, 

sense of coherence, and self-efficacy coping of family during COVID19 crisis: A 

salutogenic perspective. Current Psychology, 43(19), 17727-17739. 

https://doi.org/10.1007/s12144-023-05115-w 

173. Buecker, S. & Horstmann, K. T. (2022). Loneliness and social isolation during the 

COVID-19 pandemic. European Psychologist. https://doi.org/10.1027/1016-

9040/a000453 

174. Velichkovsky, B.B., Razvaliaeva, A.Y., Khlebnikova, A.A., Manukyan, P.A. & 

Kasatkin, V.N., 2023. Attention and memory after COVID-19 as measured by 

neuropsychological tests: Systematic review and meta-analysis. Acta 

DOI:10.14753/SE.2025.3266



 68 

psychologica, 233, p.103838. https://doi.org/10.1016/j.actpsy.2023.103838 

PMid:36657196 PMCid:PMC9834202 

175. Grondin, S., Laflamme, V. & Mioni, G. (2015). Do not count too slowly: Evidence 

for a temporal limitation in short-term memory. Psychonomic bulletin & review, 

22, 863-868. https://doi.org/10.3758/s13423-014-0740-0 PMid:25293838 

176. Bardosh, K., De Figueiredo, A., Gur-Arie, R., Jamrozik, E., Doidge, J., Lemmens, 

T., Keshavjee, S., Graham, J.E. & Baral, S. (2022). The unintended consequences 

of COVID-19 vaccine policy: why mandates, passports and restrictions may cause 

more harm than good. BMJ global health, 7(5), p.e008684. 

https://doi.org/10.1136/bmjgh-2022-008684 PMid:35618306  

177. Perez, Y., Levy, E.R., Joshi, A.Y., Virk, A., Rodriguez-Porcel, M., Johnson, M., 

Roellinger, D., Vanichkachorn, G., Charles Huskins, W. & Swift, M.D. (2022). 

Myocarditis following coronavirus disease 2019 mRNA vaccine: a case series and 

incidence rate determination. Clinical Infectious Diseases, 75(1), pp.e749-e754. 

https://doi.org/10.1093/cid/ciab926 PMid:34734240 PMCid:PMC8767838 

178. Klugar, M., Riad, A., Mekhemar, M., Conrad, J., Buchbender, M., Howaldt, H. P. 

& Attia, S. (2021). Side effects of mRNA-based and viral vector-based COVID-

19 vaccines among German healthcare workers. Biology, 10(8), 752. 

https://doi.org/10.3390/biology10080752 PMid:34439984 PMCid:PMC8389568 

179. Chen, Y., Xu, Z., Wang, P., Li, X. M., Shuai, Z. W., Ye, D. Q. & Pan, H. F. (2022). 

New‐onset autoimmune phenomena post‐COVID‐19 vaccination. Immunology, 

165(4), 386-401. https://doi.org/10.1111/imm.13443 PMid:34957554 

180. Boros, L. G., Kyriakopoulos, A. M., Brogna, C., Piscopo, M., McCullough, P. A. 

& Seneff, S. (2024). Long‐lasting, biochemically modified mRNA, and its 

DOI:10.14753/SE.2025.3266



 69 

frameshifted recombinant spike proteins in human tissues and circulation after 

COVID‐19 vaccination. Pharmacology Research & Perspectives, 12(3), e1218 

https://doi.org/10.1002/prp2.1218 PMid:38867495 PMCid:PMC11169277 

181. Chatterjee, A. and Chakravarty, A., 2023. Neurological complications following 

COVID-19 vaccination. Current Neurology and Neuroscience Reports, 23(1), 

pp.1-14. https://doi.org/10.1007/s11910-022-01247-x PMid:36445631 

PMCid:PMC9707152 

182. Aliasin, M. M., Yazdanpanah, N. & Rezaei, N. (2022). Neurological and 

neuropsychological adverse effects of SARS-CoV-2 vaccines-where do we 

stand?. Reviews in the Neurosciences, 33(7), 721-743. 

https://doi.org/10.1515/revneuro-2022-0006 PMid:35334195 

183. Pilotto, A., Catania, M., Mattioli, I., Zoppi, N., Ceccardi, G., Rao, R., Gipponi, S., 

Magoni, M., Gamba, M. & Padovani, A., 2024. Increased risk of functional 

neurological disorders following SARS‐CoV‐2 vaccination. European Journal of 

Neurology, 31(4), p.e16191. https://doi.org/10.1111/ene.16191 PMid:38165067 

PMCid:PMC11235690 

184. Balasubramanian, I., Faheem, A., Padhy, S. K. & Menon, V. (2022). Psychiatric 

adverse reactions to COVID-19 vaccines: A rapid review of published case 

reports. Asian Journal of Psychiatry, 71, 103129. 

https://doi.org/10.1016/j.ajp.2022.103129 PMid:35447503 PMCid:PMC9006421 

185. Kim, H. J., Kim, M. H., Choi, M. G. & Chun, E. M. (2024). Psychiatric adverse 

events following COVID-19 vaccination: a population-based cohort study in 

Seoul, South Korea. Molecular Psychiatry, 29(11), 3635-3643. 

DOI:10.14753/SE.2025.3266



 70 

https://doi.org/10.1038/s41380-024-02627-0 PMid:38834668 

PMCid:PMC11541197 

186. Karppinen, H., King, O. & Russell, P. S. (2023). Hostile emotions and close 

relationships: Anger can be related to constructive responses. Personality and 

individual differences, 212, 112258. https://doi.org/10.1016/j.paid.2023.112258 

187. Kasek, R. (2021). Emlékezet és metakogníció bizonytalanság idején. Érzelmek 

élettana járvány idején. Károli Gáspár Református Egyetem L’Harmattan Kiadó, 

Budapest, pp 276-287. (Memory and metacognition in times of uncertainty) 

188. Kasek, R., Takacs, S., Konya, A. & Lazar, I., (2021). Impacts of COVID-19 

control measures on metacognition and spatial cognition. Cognitive Processing 

22, S53. 

189. Jung, S. J. & Jun, J. Y. (2020). Mental health and psychological intervention amid 

COVID-19 outbreak: perspectives from South Korea. Yonsei Medical Journal, 

61(4), 271-272. https://doi.org/10.3349/ymj.2020.61.4.271, PMid:32233168, 

PMCid:PMC7105405 

190. Park, S. C. & Park, Y. C. (2020). Mental health care measures in response to the 

2019 novel coronavirus outbreak in Korea. Psychiatry investigation, 17(2), 85. 

https://doi.org/10.30773/pi.2020.0058, PMid:32093458, PMCid:PMC7047003 

191. Bzdok, D. & Dunbar, R. I., (2020). The neurobiology of social distance. Trends 

in cognitive sciences, 24(9), 717-733. https://doi.org/10.1016/j.tics.2020.05.016, 

PMid:32561254, PMCid:PMC7266757 

192. Henrich, J., Heine, S.J. & Norenzayan, A. (2010). The weirdest people in the 

world?. Behavioral and brain sciences, 33(2-3), pp.61-83. 

https://doi.org/10.1017/S0140525X0999152X PMid:20550733  

DOI:10.14753/SE.2025.3266



 71 

9. BIBLIOGRAPHY OF PUBLICATIONS 

 

9.1.1. Publications related to the thesis: 

Kasek, R., Sepsi, E. & Lázár, I. (2025). Overconfident, but angry at least. AI-Based 

investigation of facial emotional expressions and self-assessment bias in human adults. 

BMC psychology, 13(1), 1-9.; https://doi.org/10.1186/s40359-025-02590-7; 

PMid:40065465 PMCid:PMC11895137 IF: 3.0 

Kasek, R., Sepsi, E. & Lázár , I. (2024). Teljesítmény, magabiztosság és mimika: az 

arcon megjelenő érzelem-kifejezés és a metakognitív képességek vizsgálata 

In: Lázár Imre (szerk.) Sorsunk hálóiban: Szocioszomatikus hálózatok nyomában 

Budapest, Magyarország: L’Harmattan Kiadó, Károli Gáspár Református Egyetem, pp. 

257-269. 

Bozsányi, S., Czurkó, N., Becske, M., Kasek, R., Lázár, B. K., Boostani, M., ... & Lázár, 

I. (2023). Assessment of Frontal Hemispherical Lateralization in Plaque Psoriasis and 

Atopic Dermatitis. Journal of Clinical Medicine, 12(13), 4194. IF:3.0 

IF: 6.0 

9.1.2. Publications not related to the thesis: 

Sepsi, E., Kasek, R. & Lázár, I. (2021). Művészeti befogadás pszichofiziológiai 

vizsgálata Noldus FaceReader8 segítségével. Károli Gáspár Református Egyetem 

L’Harmattan Kiadó, Budapest, pp 212-230. 

Kasek, R. (2019). Rewarding self-liberation: The use of NLPt in lifestyle improvement 

and weight-control. Journal of Experiential Psychotherapy. 22 (1(85)): 11-20. 

Kasek, R. (2014) A good therapist amuses the client - so that he heals himself. 

Psychologia Hungarica Caroliensis, 2. / 1.  

∑IF: 6.0 

  

DOI:10.14753/SE.2025.3266



 72 

 

10. ACKNOWLEDGEMENTS 

The author would like to thank first of all whose insights, encouragements and support 

were invaluable to reach the final form of the study – Dr Anikó Kónya, Réka Bogdányi, 

Emese Fejes, Dr Szabolcs Takács, Dr Enikő Sepsi, Dr Imre Lázár, Ádám Ritter, József 

Hornyik, Dr Szilveszter E Vizi, Bence Gergely, Dénes Tibor Dudás, Dr Tamás Dömötör 

Szalai, Dr Róbert Bódizs, Csilla Raduch, Bence Döbrössy, Dr Edmund Girasek, Dr 

Mónika Albu, Dr Judit Páli, Dr Zsuzsanna Kövi, Dr Marianna Török and Márta Buczkó 

– the participants, the colleagues and the students who contributed in the research. The 

authors were provided with the screening materials, the recording equipment, and post-

production services by the Art Sciences and Media Education Division of Benda Kálmán 

College for Advanced Studies at Károli University. 

DOI:10.14753/SE.2025.3266


